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Abstract

This paper reviews the data quality of the first systematic global measurement of academic

freedom, namely the Academic Freedom Index (AFI) by using a data quality assessment ap-

proach proposed by McMann et al. (2022). By analyzing three distinct components of data

quality (content validity, the data generation process, and convergent validity), this article ex-

amines the specific strengths and potential shortcomings of the AFI. The findings indicate that

the AFI does well in terms of its theoretical embeddedness (within some conceptual limits), of

the transparent data generation process and the handling of expert assessments, as well as of

its temporal and spatial coverage. A critical assessment of the level of disagreement between

expert coders further shows that there are few systematic predictors, providing no evidence for

problematic biases among AFI coders. Overall, we conclude that the data quality of the AFI is

comparatively high but that it could be further increased by recruiting even more experts and

thereby enhancing the Bayesian IRT model’s performance.
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1 Introduction

The creation of the Academic Freedom Index (AFI), which was first released in March 2020, closed

a significant gap in the comparative measurement of abstract concepts of governance and democracy.

Although “the last three decades have seen a boom in the development of social science indicators

and indices” (Croissant and Pelke, 2022, p. 1), the topic of academic freedom, and in particular

its exploration as a multidimensional concept, had largely been overlooked. The new AFI data,

curated in the Varieties of Democracy dataset, not only constitutes the first conceptually focused

and comprehensive measurement approach to academic freedom, but it also offers extensive coverage:

it currently provides assessments for 180 countries and territories worldwide, covering a time span

since 1900. Now that the dataset is released in its fourth iteration (Coppedge et al., 2023a) and has

established itself as a leading instrument for evaluating and comparing academic freedom levels in

countries across the world, it is time to take stock of its quality and performance.

An earlier paper already introduced the new AFI dataset in detail, explaining the rationale

behind its indicators and providing a cursory analysis of content and convergent validity (Spannagel

and Kinzelbach, 2022). A further article discussed alternative measurements and data sources on

academic freedom (Spannagel, 2020). The present paper expands on these contributions and offers a

more in-depth evaluation to thoroughly assess the validity and reliability of the AFI as an instrument

to measure academic freedom around the world. By exploring its specific strengths and shortcomings,

it seeks to highlight how the data should best be used and what needs to be taken into account in their

interpretation. In doing so, we largely follow the useful step-by-step guide for measurement quality

assessments recently introduced by Kelly McMann and her co-authors (McMann et al., 2022), though

we aim to complement rather than reproduce evaluations that have already been done elsewhere. The

three proposed assessment steps that also structure our paper focus on (1) content validity, (2) the

data generation process, and (3) convergent validity.

The content validity assessment addresses the theoretical construct of academic freedom that

underlies the AFI measurement, drawing and expanding on the explanations provided in the intro-

ductory article (Spannagel and Kinzelbach, 2022). The present paper further complements this using

Bayesian factor analysis to investigate to what extent the different indicators capture the higher-level

theoretical concept that the AFI intends to measure (section 2).

With regard to the data generation process, we discuss the validity and reliability of how the

AFI data are collected and aggregated. Namely, the data rely on assessments of close to 2,200 country
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experts that are aggregated using a customized Bayesian Item Response Theory model (Pemstein

et al., 2023) controlling for respondents’ individual coding behavior. Since the AFI is generated in

a very similar process as other V-Dem indices, this assessment step is in large parts congruent with

the analysis of V-Dem corruption measures provided by McMann et al (2022). We will therefore

focus on discussing the elements that are specific to the AFI. Special attention will be given to the

investigation of coder disagreements and biases in the AFI data as an analytical tool to assess the

validity and reliability of a data generation process that relies on expert assessments (section 3).

The convergent validity assessment serves to compare the AFI measure to the only comparable

measure of academic freedom available today, namely Freedom House’s indicator D3 on academic

freedom and the freedom of the educational system from extensive political indoctrination (section 4).

Finally, we summarize the findings to draw conclusions on the AFI’s strengths, weaknesses, and how

its distinct characteristics should shape its application (section 5).

2 Content Validity Assessment

Content validity refers to the extent to which a measurement (the AFI) captures all aspects of a given

topic it is designed to measure (academic freedom), i.e. including relevant and excluding irrelevant

parts. The AFI relies on five indicators that cover different aspects of a country’s de facto academic

freedom, namely the freedom to research and teach, the freedom of academic exchange and dissemi-

nation, the institutional autonomy of higher education institutions, campus integrity, and the freedom

of academic and cultural expression. The introductory paper explains that the indicators were chosen

and formulated on the basis of a review of the literature and in-depth discussions with academics,

policymakers and academic freedom advocates, and reflect key aspects of academic freedom as defined

in international law (Spannagel and Kinzelbach, 2022, 5f.).

Each of the indicators is formulated as a question (e.g., “To what extent are scholars free to

develop and pursue their own research and teaching agendas without interference?”), which together

with general definitions, a specific clarification text and five defined response levels on an ordinal scale

from 0 to 41 is presented to country experts (see all details in codebook at Coppedge et al., 2023b,

pp. 233–237).

1E.g., ranging from (0): Completely restricted. When determining their research agenda or teaching cur-
ricula, scholars are, across all disciplines, consistently subject to interference or incentivized to self-censor to
(4): Fully free. When determining their research agenda or teaching curricula, scholars are not subject to
interference or incentivized to self-censor.
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For each country, multiple experts assess the indicator on an annual basis. The ratings of

individual coders are aggregated into country-year scores for each indicator, and in a second step for

the index, using a Bayesian measurement model (see more details below).

2.1 Review of conceptual decisions and frequent inquiries

Although the five indicators provide a thorough conceptual framework for the index, the authors con-

cede that the inclusion of additional aspects would have been thinkable (Spannagel and Kinzelbach,

2022, p. 6). Moreover, several years after the establishment of the dataset and based on our partici-

pation in many discussions focused on the AFI, we can identify some frequently asked questions and

criticisms that are directed towards the conceptual composition of the index. In the following, we will

address these common points and consider how they may affect the extent to which the AFI measures

academic freedom.

In their introductory paper, the authors mention academics’ general job security (i.e., tenure)

as a possible additional indicator, which has formed the focus of other academic freedom studies (e.g.,

Karran, Beiter, and Appiagyei-Atua, 2017). However, conceptually, this aspect arguably falls more

under an enabling condition or even a proxy measurement than representing an aspect of academic

freedom itself. A similar argument of being an enabling condition could in fact be made with regards

to the institutional autonomy of higher education institutions as well as campus integrity, which, un-

like tenure, are included in the AFI.2 Compared to these two institutional aspects, tenure would be

a far more specific indicator that can limit global comparability given the diversity of higher educa-

tion sectors and the varying role that provisions such as tenure play across these different contexts.

Autonomy and campus integrity, on the other hand, appear universally relevant to the protection of

academic freedom. They can be considered as integral parts of a multidimensional understanding of

academic freedom that includes both individual and institutional aspects. That said, users of the

AFI that wish to focus on academic freedom more narrowly can decide to exclude the institutional

indicators when working with the data (see further exploration of this point in section 2.2).

2In the definition of institutional autonomy, the AFI indicator follows the Lima Declaration of 1988 in
asserting that it “means the independence of institutions of higher education from the State and all other forces
of society, to make decisions regarding its internal government, finance, administration, and to establish its
policies of education, research, extension work and other related activities.” It is thus largely congruent (though
less detailed) with other major assessment efforts of university autonomy, such as the European University
Association’s Autonomy Scorecard (Pruvot, Estermann, and Popkhadze, 2023), which assesses organizational,
financial, staffing and academic autonomy.
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A second potentially omitted aspect implied by the authors is the diversity of, non-discrimination

in, and equal access to higher education. The omission of such aspects is justified in the introductory

paper by a focus on aspects that are “specific to the academic sector,” arguing that discrimination is

likely to extend beyond the higher education sector and would thus be captured by other indicators

in the V-Dem dataset that may be used to complement the AFI (Spannagel and Kinzelbach, 2022).3

Apart from this practical argument, one could also argue that the issue of discrimination does not

itself describe the level or quality of academic freedom in a given country, but rather who benefits from

it and who is excluded. At the same time, such a viewpoint is more precarious if one sees academic

freedom as a good that should (at least potentially) benefit everyone, not just the privileged few.

A similar concern relates to the issue of funding. It could be argued that where the funding

available for higher education is very low, there cannot be meaningful academic freedom. While it

is true that such underfunded higher education sectors typically have little capacity to do research

at all (e.g. Altbach, 2016; Zavale, 2022; Sawyerr, 2004), there is arguably a difference between the

suppression, redistribution or conditionality of funding motivated by political or economic interests –

as captured by indicators on interference with research agendas and on institutional autonomy – and

the mere absence of resources for academic research. In this discussion, one should also be mindful

of the fact that research funding is not unlimited in any country and that scholars everywhere are

faced with the need for prioritization, although to varying degrees. Taking both these aspects (of

non-discrimination and funding) together, we can conclude that overall, the AFI tends to cover more

a negative understanding of academic freedom (the absence of infringements) rather than a positive

understanding (an active promotion of academic freedom by the state and other actors).

A further noteworthy omission is the aspect of student rights, in terms of the freedom of learning

and the right to participation in university governance. The AFI indicators capture this aspect only

indirectly through the freedom of teaching, as well as campus integrity, which describes the absence of

surveillance and security infringements on campus. In fact, definitions of academic freedom disagree on

whether student rights form a core part of academic freedom or whether academic freedom primarily

relates to the rights of scholars (cf. Macfarlane, 2012; Abdel Latif, 2014). In this sense, the AFI in

its current form should be understood as capturing academic freedom mostly in the latter sense. The

inclusion of an additional indicator on students could be envisaged for the future – especially if there

3These include in particular V-Dem’s exclusion indicators, some of which assess the access to public services
distributed by socio-economic position, gender, urban-rural location, political group, or social group, respec-
tively; another indicator specifically assesses education inequality (albeit only with respect to basic education);
further, there are indicators that indirectly capture discrimination, such as the freedom of religion.

5



are plausible expectations that there are cases in which students’ freedom diverges significantly from

that of scholars.

Another inquiry often made in connection with the AFI’s conceptualization is whether it

captures the pressures scholars find themselves under in the context of increasing third-party and

performance-based funding, as well as concomitant trends of “managerialism” at universities (e.g.

Puaca, 2022; Butler and Mulgan, 2013). The answer to this question is clearly affirmative from a

conceptual standpoint, since the absence of “interference” measured by different indicators refers to

influence exerted by “non-academic actors”, defined as “individuals and groups that are not a sci-

entifically trained university affiliate,” including “individuals and groups such as politicians, party

secretaries, externally appointed university management, businesses, foundations, other private fun-

ders, religious groups and advocacy groups” (Coppedge et al., 2023b, p. 233).

In practical terms, however, the ability of the AFI to capture these issues may be limited. On

the one hand, this is due to the global scope of this measurement effort, where the effects of such shifts

may be small compared to other types of interference and therefore not be reflected in the data outside

the margins of statistical uncertainty. On the other hand, limitations also stem from the fact that the

lines between academic and non-academic actors may in the reality of higher education governance

be more equivocal than the definition suggests. This complex issue also raises the question whether

academic actors, when taking decisions on science governance, procedures and contents, do always act

in the interest of academic freedom. Yet such issues are contentious and highly context-dependent, so

that a global comparative measurement like the AFI can hardly be expected to systematically capture

them all in adequate detail.

Finally, the lack of disaggregation between disciplines and higher education institutions is also

a frequently raised concern. Overall, experts are asked to generalize in their assessment across univer-

sities and across disciplines for a given country. While on the surface this presents more as a question

relating to methodology and data collection, the conflation of disciplines in particular has potential

ramifications on the conceptual understanding of academic freedom. The inevitable aggregation of the

academic freedom indicators that is imposed by a country-level measurement may introduce a certain

fuzziness into the concept. However, Spannagel and Kinzelbach argue substantively that they

“are aiming to assess the integrity of the academic community as a whole, and consider

it to be dangerous to excuse or relativize the infringements on some subjects by the

freedom of others – precisely because the targeting of a few sensitive subject areas is a
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known pattern of repression, and often spreads a culture of fear throughout the academic

community. What is more, infringements on institutional autonomy affect all academics,

regardless of their discipline.” (Spannagel and Kinzelbach, 2022, p. 9)

Yet the authors also acknowledge that “the quality of restrictions on the academic sector as a whole

is different depending on whether only some or all disciplines are targeted, which is why we didn’t

choose to focus on only the worst-off subject areas.” Instead, the scope of infringements across

academic disciplines is incorporated in the response scale of the first two indicators (see more details

Spannagel and Kinzelbach, 2022). In terms of the imposed aggregation across institutions, the problem

seems less one of validity than of reliability: by giving experts additional leverage in deciding how to

weigh situations at different institutions in the same country, this may increase coder disagreement

and introduce additional uncertainty into the measurement. We will address the level and potential

sources of coder disagreement further below (section 3.6).

On the whole, academic freedom remains a latent construct that cannot be measured directly

by statistical indicators or objective measures. The five AFI indicators present overall a coherent

picture and, several years after their formulation, still seem to strike a legitimate balance between

conceptual specificity and global comparability, as well as between conceptual comprehensiveness and

finite resources.

2.2 Factor analysis of AFI indicators

The Academic Freedom Index was built using a Bayesian factor analysis (BFA) model to aggregate

the different dimensions of academic freedom (the five different indicators) and to incorporate mea-

surement uncertainty into the proposed measure. The AFI ranges from 0 (no academic freedom) to 1

(full academic freedom) and consists of point estimates from the BFA accompanied with uncertainty

measures. We discuss the choices in terms of index-level aggregation in section 3.4, but first want to

show how the five different dimensions reflect one underlying systematized concept, namely academic

freedom.

For this analysis, we use BFA,4 that allows us to incorporate measurement error “in the man-

ifest variables, which themselves were estimated using Bayesian methods, into the model” (McMann

et al., 2022, p. 433). With the BFA, we assess how the five V-Dem academic freedom measures,

namely freedom to research and teach, freedom of academic exchange and dissemination, institutional

4See McMann et al. (2022) for a detailed explanation and comparison to frequentist factor analysis.
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autonomy, campus integrity, and freedom of academic and cultural expression, empirically relate to

one another. By showing that the five dimensions do in fact empirically load onto an index, we can

provide strong empirical support for the theoretical claim of a single underlying systematized concept

of academic freedom (compare also McMann et al., 2022, p. 433).

Table 1 indicates that all five indicators strongly load on a single dimension.5 Factor loadings

in Table 1 indicate how much an indicator of academic freedom explains of the Academic Freedom

Index, while the uniqueness is the variance that is not shared with the other indicators (i.e. that is

unique to the indicator). For example, a uniqueness of 0.169 for the Freedom to research and teach

indicator shows that 16.9% of its variance is not shared with the other indicators in the BFA. The

higher the factor loading and the lower the uniqueness score for individual indicators, the stronger the

empirical evidence that the specific indicator relates strongly to the underlying concept.

Overall, Table 1 indicates that the fit to a unidimensional model is adequate as all indicators

have strong factor loadings and a large share of their respective variance is accounted for (uniqueness).

Freedom to research and teach loads the most strongly on a single dimension with a factor loading

of 0.912. The factor loading of Freedom of academic and cultural expression is comparatively weaker

(but still loads strongly with a factor of 0.814) and a large share of variance is unaccounted for. This

is not surprising as it deviates somewhat from a strict academic freedom perspective by focusing on

academics’ (and artists’) freedom of expression. Some users of the data wishing to focus on academic

freedom more narrowly may therefore choose to exclude this indicator.6

Table 1. Conceptual alignment across V-Dem academic freedom indicators (BFA estimates).

Measure Loadings Uniqueness

Freedom to research and teach (v2cafres) 0.912 0.169
Freedom of academic exchange and dissemination (v2cafexch) 0.912 0.169
Institutional autonomy (v2cainsaut) 0.829 0.314
Campus integrity(v2casurv) 0.853 0.273
Freedom of academic and cultural expression (v2clacfree) 0.814 0.338

5The Bayesian factor analysis model was fitted here to each draw of the V-Dem measurement model (i.e.,
one draw from the posterior of each manifest variable, covering every country-year) using Markov chain Monte
Carlo (MCMC) methods. In order to capture posterior uncertainty, we run the Bayesian factor model 200
(ITER) times with different posterior draws from the variables and 10,000 sampling iterations. We divide these
runs into four groups, each with the same initial values, and for convergence purposes we treat each group as a
separate chain so that we can run a Gelman & Rubin diagnostic. Table 1 is based on V-Dem version 13.

6The lesser fit may also partly be explained by the technical fact that this indicator comes from the Civil
Liberty V-Dem survey, while the other four dimensions come from the Civic and Academic Space V-Dem survey.
The two surveys are coded by a partly different set of experts and therefore are also likely to have different
empirical distributions of raters’ errors. This issue is further explored in Appendix D.
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In addition, we test whether a two-factor model explains more variance in the manifest variables

than the unidimensional factor model (used by the AFI) by using frequentist factor analysis presented

in Tables B1 and B2 (Supplementary Appendix). We assume that institutional autonomy and campus

integrity load on one dimension, while freedom to research and teach, freedom of academic exchange

and dissemination, and freedom of academic and cultural expression load on a second dimensions, as

the latter represent individual freedoms and the former represent institutional rights of universities

that protect them from outside interference. In addition, as noted above, a strand of literature argues

that institutional features of universities, in particular their autonomy, are a prerequisite for academic

freedom (e.g. Matei and Iwinska, 2018; Nokkala and Bladh, 2014). Within the frequentist factor

analysis framework, the one-dimensional model fits the data slightly better than our two-dimensional

model, supporting the idea of a complex approach to academic freedom that includes both individual

and institutional aspects. Further below (in 3.4), we test different index aggregation models and discuss

theoretical assumptions. However, even though we reject the hypothesis that the two-factor model

explains the data best as indicated by the slight improvement of about 0.007% in model fit (1-dim

BIC = 166629, 2-dim BIC = 166520), the only very marginal improvement provides justification for

both models, depending on the researcher’s theoretical assumptions. In sum, the BFA that takes into

account the measurement uncertainty provides strong empirical support for the AFI’s content validity:

all indicators largely reflect a single underlying systematized concept, namely academic freedom.

3 Data Generation Process Assessment

The validity and reliability of the way in which the data are generated determines whether or not one

will obtain an unbiased and reliable measure. McMann et al. (2022, p. 431) note that, unlike the

correctness of individual scores, the quality of the data generation process can actually be observed

and evaluated, making this a valuable criterion for the quality of the resulting measurement. The

authors recommend to examine an array of elements in the data generation process, including the

dataset management structure, data sources, respondent coding procedures, aggregation models, case

coverage, as well as (where multiple respondents are used) inter-coder disagreement and intra-coder

biases. In assessing the Academic Freedom Index, we are analyzing a measure that is generated as

part of the same data collection effort as the corruption measures that McMann et al. evaluated in
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their paper. We will therefore quickly go over the shared characteristics that were already discussed

in their paper, and focus on the elements that are specific to the AFI indicators.

3.1 Data Management Structure and Data Sources

In terms of data management structure, McMann et al. (2022, 434f.) highlight positively that unlike

many alternative data collection efforts, V-Dem is an entirely academic endeavor, headquartered at

the University of Gothenburg, Sweden, and led by an international consortium of scholars based in

different locations around the world (Varieties of Democracy Project, 2022).

Regarding the sources used for compiling a given measurement, using expert-coded assessments

appears by far superior to alternative measurement approaches for generating comparative country-

level assessments. Surveys inquiring about academics’ personal experiences, for instance, are likely to

suffer much more from a self-selection bias than a pool of experts selected on the basis of their expertise

(more on this see below). Events-based data, another frequently used data source on academic freedom

that records incidents of academic freedom violations, also suffers from a whole range of selection biases

and are generally unsuitable to assess less repressive (and even the most repressive) contexts. Other

potential sources include data collecting through institutional self-reporting, as well as legal analyses.

All those data sources have specific advantages, but none are suited for comparative assessments of

de facto academic freedom at a global scale (see detailed discussion in Spannagel, 2020).

Furthermore, McMann et al. (2022, p. 435) argue that “datasets that aggregate information

from different sources multiply biases and measurement errors by including those from each source

in their composite measure, particularly if measurement errors across data sources are correlated.”

V-Dem and the AFI avoid this problem – as does Freedom House and its D3 indicator, the AFI’s

sole comparable alternative – by using one expert data collection effort to generate indicators on

academic freedom (see also Coppedge et al., 2020). Experts may still draw upon the above-mentioned

data sources (where available), but they can contextualize and correct the information using their

accumulated expertise.

That said, McMann et al. also caution against the fact that V-Dem country experts often

respond to various questions relating to the same measured concept across V-Dem’s expert surveys,

creating a potential to generate correlated rater error across indicators (McMann et al., 2022, p. 435).

In addition, such “correlated errors could undermine other aspects of our quality assessment, such as

the factor analysis in our content validity analysis” (McMann et al., 2022, p. 435), and also implies
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that researchers should avoid putting indicators relating to the same concept on both sides of a

regression equation. However, in Supplementary Appendix D, we analyze how raters’ errors correlate

across indicators. The findings reveal that while raw errors in rater scores correlate highly across

expert ratings, this appears to stem largely from differential item functioning (DIF). Table D2 in

Supplementary Appendix shows only minor evidence of raters’ error correlations across indicators after

correcting responses for DIF (see also Section D in Supplementary Appendix for detailed discussion

of DIF).

The Freedom House measure does not pose this problem since it includes only one single in-

dicator on academic and educational freedom. The AFI’s methodologically and conceptually more

advanced approach makes it more vulnerable to such issues, while at the same time avoiding a set of

important pitfalls from the Freedom House approach. In addition, the AFI was constructed in a way

that its indicators are spread across two different expert surveys, which are not necessarily coded by

the same experts. As of version v13, the freedom of academic and cultural expression indicator (from

the Civil Liberty Survey) is based on the assessment of 1,838 distinct coders, while the assessments of

the four remaining indicators from Civic and Academic Space survey are based on up to 1,130 distinct

coders. Up to 747 experts rate questions from both surveys.7 There were so far 2,197 experts in total

who have contributed to the AFI indicators.

3.2 Expert Characteristics and Qualifications

Next, we need to evaluate the coding procedures, addressing first the characteristics and qualifications

of the AFI’s pool of country experts.

In a first step, we provide some basic descriptive statistics for the pool of country experts coding

the indicators in the AFI. Table 2 shows descriptive statistics for our expert sample of 2,197 distinct

coders.8 It indicates that at least 53 percent of the expert are men and at least 21.2 percent are

women.9 In terms of level of education, a majority of at least 54.1 percent of the coders have a PhD

7See also Table D5 in the Supplementary Appendix for a list of total pairwise coders and unique coders
across indicators.

8We analyzed coder characteristics for coders that participated (2,003) in the V-Dem’s Post-Survey Ques-
tionnaires (PSQ), but different coders have different patterns of missingness in V-Dem’s PSQ. Note that the
missingness is likely not random, so that the known distributions can only give an approximate idea.

9A nonbinary option is not given in V-Dem’s post-survey questionnaire. However, the remaining 25.8 percent
are missing observations.
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Table 2. Descriptive Statistics of the Expert Sample, based on 2,197 distinct experts

N %

Gender Men 1165 53
Women 465 21.2
Unknown 567 25.8

Age <= 34 years 146 6.6
> 34 years and < 50 years 795 36.2
>= 50 years 680 31
Unknown 576 26.2

Reside in Main No 1063 48.4
Country Coded Yes 563 25.6

Unknown 481 21.9
PhD level No 441 20

Yes 1189 54.1
Unknown 568 25.9

Government employee No 1936 88.1
Yes 67 3
Unknown 194 8.8

degree. In addition, the vast majority of experts are not government employees (at least 88.1).10

Regarding the age of the experts, Table 2 indicates that at least 6.6 percent are younger than 35

years, while 36.2 of the experts indicated they are between 35 and 49 years old. At least 31 percent

of the experts are older than 49 years.

Next, we need to address the question of the experts’ qualification to code academic freedom

issues. In the context of human rights measurement, some have challenged V-Dem’s approach to

expert selection, arguing that because most respondents have a PhD degree and are therefore likely

to be academics, they may not be the best possible experts on human rights abuses – as opposed to

human rights advocates, researchers and lawyers (Brook, Clay, and Randolph, 2019, p. 19). Yet when

it comes to assessing academic freedom issues specifically, the fact that the V-Dem pool of respondents

consists largely of academics makes them in fact especially qualified. At least 28.1% of experts reside

in the main country that they code (see also Table 2) and most others have spent some time there

and/or maintain close professional contacts within the country, meaning that they are very likely to

have direct knowledge of the relevant higher education system, its inner workings and constraints.

10From the 67 such government employees, 34 were not living in the main country they were coding, while
33 did. We define government employees here as coders who indicated to belong to one of the following entities
(in V-Dem’s v2zzemploy indicator of the post-survey questionnaire): 1: The current executive (presidential
administration/cabinet). 2: A ministry, board, or agency within the central government. 3: A ministry, board,
or agency within the local/regional government.)
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Moreover, as McMann et al. also note (2022, p. 436), V-Dem’s selection of experts follows

rigorous criteria designed to assure not only their expertise on the issues and countries they are

charged to code, but also their impartiality. The specific expert selection criteria are discussed in

Coppedge et al. (2020, Chapter 3.8). In sum, experts are recruited along the following criteria: (1)

experts’ expertise on the country or countries and surveys they may be assigned to code is the most

important selection criterion; (2) the connection to the country, so that at least three of five experts

per country were born in or reside there; (3) ”prospective coder’s seriousness of purpose, i.e., her or

his willingness to devote time to the project and to deliberate carefully over the questions asked in the

survey”; (4) experts’ impartiality; (5) diversity in professional backgrounds among the coders chosen

for a particular country. The identities of the participating experts are kept anonymous outside the

V-Dem’s core team. Researchers with a well-founded interest can apply for confidential access to some

coder-level characteristics, such as gender or education level, as we did for this paper.

In addition to the selection criteria, it is important to highlight that with typically more than five

expert coders per indicator per country-year (true for 99.58% of country-years), a single respondent’s

biases cannot drive the resulting estimates (McMann et al., 2022, p. 436). In its v13 version, the AFI

rests on assessments by 2,197 coders across the world and across indicators, which translates into an

average of 10.56 distinct expert ratings per country-year of the AFI (Min = 3, Max = 31, Median

= 10).11 These numbers and the level of transparency on the data collection process are in stark

contrast to Freedom House’s approach, which relies on a total of only 128 analysts, i.e. on average

0.61 for each of the 210 countries/territories, and 50 advisers who weigh in as part of a rather vaguely

described review process (Freedom House, 2022, p. 2).12

The AFI’s reliance on several independent experts per data point mitigates the issue of indi-

vidual biases to a great extent. However, the high probability of direct personal exposure to academic

freedom issues in the given country for a significant share of the expert pool – above noted as an

advantage in terms of knowledge and qualification – could under certain circumstances be a source

11The individual indicators rely on average on the assessment of 6.09 to 6.51 experts per country-year.
12There is no public information on how these analysts and advisers are selected, whether they are mainly

based in the USA, in the countries they are assessing, or in third countries, and how detailed and rigorous the
review process is. The methodology note merely states that “The analysts’ proposed scores are discussed and
defended at a series of review meetings, organized by region and attended by Freedom House staff and a panel
of expert advisers. The end product represents the consensus of the analysts, outside advisers, and Freedom
House staff, who are responsible for any final decisions” (Freedom House, 2022, p. 2).
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of collective bias in the data.13 Such distortions may in most cases be alleviated by the inclusion of

experts who reside outside the country in addition to those who live in the country, but they can still

be problematic for the reliability of specific data points, as the Brazilian case showcases. For this

reason, we recommend to apply some caution and pay particular attention to the data’s uncertainty

measures when it comes to recent assessments of ongoing volatile situations – the transparently re-

ported uncertainty interval is a major advantage of the V-Dem approach in this regard. Moreover,

future rounds of data collection always allow for retrospect corrections, both through the recruitment

of additional experts who usually code both past and present years, and by giving repeat coders the

opportunity to re-evaluate their own past scores.

3.3 Indicator-Level Aggregation

From the collection of several independent experts’ assessments per indicator-country-year follows the

need to aggregate them into single indicator-level scores. Importantly, this is not simply done by

averaging the individual scores, as this would presuppose that all contributing experts are equally

certain about their scores, that they are equally (un)biased, and that they exhibit the exact same

coding behavior when confronted with an ordinal scale. These are unrealistic assumptions in any

survey context, but arguably even more so when involving experts from countries all over the world

(Church, 2010). For this reason, V-Dem uses a customized statistical model that relies on Bayesian

Item Response Theory (IRT) to aggregate the coder-level scores (Pemstein et al., 2023; Coppedge

et al., 2023c), an approach that has been shown to outperform the use of simple averages (Marquardt

and Pemstein, 2018). This IRT model accounts for experts’ varying reliability as well as for differential

item functioning (DIF), which occurs when experts differ in their perceptions of multi-item scales like

the ones used for the AFI indicators.

“For example, if respondents provide ordinal ratings and they vary in how they map those

ratings onto real cases — perhaps, for example, one respondent has a lower tolerance for

corruption than another — then a process that models and adjusts for this issue will

outperform a more naive process” (McMann et al., 2022, p. 436).

13The authors of the AFI’s introductory paper discuss this possibility using the example of Brazil, whose
scores seem to have deteriorated disproportionately under Jair Bolsonaro’s presidency, compared both to other
countries during the same period and to Brazil’s own historic records (Spannagel and Kinzelbach, 2022, p. 15).
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Overall, the Bayesian IRT model is able to measure latent – not directly observable – concepts,

such as the freedom to research and teach, and provide reliable and comparable expert assessments

“while allowing for the possibility that respondents apply ordinal scales differently” (McMann et al.,

2022, p. 436).

In addition, the model uses information from bridge coding (an expert rates multiple countries

for many years), lateral coding (an expert codes many countries for one year), and anchoring vignettes

(description of hypothetical cases that were rated by experts) to improve the model estimates and

comparability within and across countries. The anchoring vignettes are especially useful, because

there is no contextual information and all respondents rate the same set of vignettes under a controlled

environment. In this way, ratings on these vignettes provide information about how experts understand

the ordinal scale and “how they systematically diverge from each other in their coding” (McMann

et al., 2022, p. 436).

McMann et al. (2022, p. 436) rightly stress that there is no respondent who is free of bias and no

expert pool that does not exhibit DIF. However, the approach chosen by V-Dem is specifically designed

to address these problems and reduce their imprint on the resulting dataset. In contrast to Freedom

House, V-Dem also provides full transparency on the coding process and aggregation procedures. Next

to detailed methodological papers, this includes that all individual coder-level ratings are publicly

available on the V-Dem website (i.e., data before aggregation by the V-Dem IRT model). Moreover,

the final model estimates for each indicator (and the index) are accompanied by upper and lower

uncertainty bounds. Roughly speaking, there are two main sources of uncertainty: (1) the indication

by experts of a lower level of confidence in their scores when providing their ratings, and (2) the

disagreement between the expert coders who assessed the same data point. We will look into the

latter in detail further below (section 3.6).

3.4 Index-Level Aggregation

To combine low-level indicators to higher-level measures (indices), V-Dem typically uses a Bayesian

factor analysis (BFA) model, when concepts are considered a latent construct, such as democracy.

Since there are no objective standards of aggregation into a higher-level measure, the most important

consideration is the researcher’s theory on how the indicators belong to each other. As Coppedge et

al. (2020) discuss, an important consideration for the aggregation is whether indicators are treated as

reflective or formative indicators. Reflective indicators are “symptoms of the concept being measured,
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and are typically estimated by factor analysis” (Coppedge et al., 2020, p. 91)14, while formative indi-

cators treat “indicators as determinants of the concept being measured” (Coppedge et al., 2020, p. 91).

When indicators are formative, then the specific aggregation choice depends on whether indicators are

treated as (partially) mutually substitutable aspects of a given concept (additive aggregation rule) or

as individually necessary conditions for it (multiplicative aggregation rule).

The authors of the AFI conceptualized the five indicators as jointly reflecting the latent concept

of “academic freedom”, where none of the indicators takes precedence over another (see also the

discussion in 2.2). Instead of averaging or multiplying the indicator scores, the AFI therefore uses V-

Dem’s standard BFA model to aggregate the five indicators into the index. Similarly to the indicator-

level aggregation, the Bayesian model provides measures of uncertainty alongside the index estimates.

Different aggregation choices could legitimately be made depending on researchers’ theoretical

assumptions or conceptualization of academic freedom. The individual indicators are available for oth-

ers to construct their own academic freedom measure using different aggregation rules. To show that

the aggregation rules are important considerations that affect the outcome measurement, we briefly

discuss how different aggregation rules can be used and how the resulting measures are intercorrelated.

In Supplementary Appendix C, we discuss two additional modes of aggregation: an additive academic

freedom index (assuming mutually substitutable aspects of academic freedom), and a multiplicative

academic freedom index (assuming that institutional autonomy is a prerequisite for academic free-

dom). Table 3 shows the correlation between these different measures on a country-year level. It

indicates that the additive AFI, the multiplicative AFI, and the original AFI are highly correlated. In

particular, the findings presented in Supplementary Appendix C and in Table 3 support the original

AFI conceptualization and aggregation as they show that the additive aggregation of indicators does

not discriminate appropriately at high and low levels of academic freedom compared to the original

AFI. Moreover, the multiplicative aggregation approach assigns systematically lower scores compared

to the original AFI scores across the whole distribution of scores. As theoretically expected, the mul-

tiplicative AFI is more demanding as it formulates the institutional autonomy indicator as a necessary

conditions for academic freedom.

14See also Treier and Jackman, 2008
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Table 3. Correlation between different aggregation rules

Measure Pearson’s Correlation
Coefficient

p-value

AFI and additive AFI 0.986 < 0.001
AFI and multiplicative AFI 0.966 < 0.001
Additive AFI and multiplicative AFI 0.968 < 0.001

3.5 Coverage Across Countries and Time

The spatial and temporal coverage of social science indicators are important criteria for the quality

of a dataset in view of analyzing phenomena across time and space. As McMann and coauthors note,

a reduced number of cases – for instance, the ones that are easier to code – can lead to problematic

selection bias. As a result, “maximizing case coverage also improves measurement validity” (McMann

et al., 2022, p. 437), provided the data quality is acceptable. Relying on a broad temporal and spatial

sample thus reduces potential biases that may result from a short time frame, a small spatial coverage

or a combination of both.

With 180 countries/territories and 123 years covered as of version 13 (a total of 14,976 country-

years), the AFI performs particularly well in this regard when compared to any other available data

source on academic freedom, including the Freedom House measure. Although the latter has com-

parable global coverage,15 the AFI is in fact the only data source that reaches far back in time. By

retrospectively covering years since 1900 (or since countries or their higher education system came

into existence), it is far more suitable for analyses over time than Freedom House’s D3 indicator,

available only since 2012. Other sources of data, such as the incident data-based Academic Freedom

Monitor of the Scholars at Risk Network or the Global Coalition to Protect Education from Attack’s

events database, are similarly available since 2013 and 2015. The only other data relating to academic

freedom that reaches back in time (even to 1789) is the Academic Freedom in Constitutions dataset

(Spannagel, 2023). However, it only indicates the de jure presence of academic freedom provisions in

constitutions, not their realization. Outside the AFI, we have therefore no measure to comparatively

assess what de facto academic freedom levels looked like in the early 21st century, let alone before

then; which seriously limits any general conclusions we might want to draw from those types of data.

15Freedom House covers 202 countries/territories, among which are a number of microstates and (semi-
)autonomous territories that V-Dem does not cover. Among the country units covered by V-Dem, the AFI
specifically is currently missing for three historic countries (People’s Democratic Republic of Yemen, Republic
of Vietnam, Palestine/British Mandate).
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Lastly, it is also important to note that V-Dem’s data collection and aggregation procedures are

consistent for the whole dataset, which is re-released with each annual update. In contrast, Freedom

House’s methodology has changed over the years – even if only slightly – and as each release only adds

the newest year, such changes can create comparability issues over time. Problems of changing data

collection parameters are even more severe for events data, which makes them entirely inappropriate

for systematic temporal (and even spatial) comparisons (see Spannagel, 2020, 199f.).

3.6 Analyzing Respondent Disagreement

As McMann et al. (2022) argue, the analysis of coder disagreement and biases is a tool to assess the

validity and reliability of the data generation process. First, a measure is more reliable when inter-

coder disagreement is low. In addition, a low inter-coder disagreement can also indicate the validity of

a measure “if one is willing to assume that multiple respondents are unlikely to exhibit identical biases”

(McMann et al., 2022, p. 438). Second, systematic biases in the data can be assessed by analyzing

how respondent and country characteristics, such as gender, education and country of residence of a

respondent, as well as socioeconomic background factors and general access to information, predict

respondents’ ratings.

For the Academic Freedom Index, we assess respondent disagreement using a regression frame-

work. In Figure 1 and 2, we estimate the effect that different country characteristics, as well as the

number of respondents have on respondent disagreement. In the following section, we estimate the

effect different that coder and country characteristics have on respondent ratings, in order to identify

potential systematic biases in the data generation process of the AFI data.

In the first step, the dependent variable is the standard deviation of raw ratings among respon-

dent for each country and year. In contrast to McMann et al. (2022), we use the raw ratings among

respondents instead of the measurement model-adjusted ratings among respondents.16 By using these

raw scores, we conduct a more conservative test for analyzing respondent disagreement than McMann

et al. because we do not account for corrections made by the V-Dem’s Bayesian IRT model.

Figure 1 shows the standardized regression coefficients17 that show the estimated effect size of

the respective variable on the level of respondent disagreement. Thus, a positive regression coefficient

16Measurement-model adjusted ratings are transformations of parameters from the IRT model and can be
seen as rater “perceptions” of a latent score after adjusting for DIF by using the posterior simulations.

17For easier interpretation of the results, all regression coefficients were standardized by two standard devia-
tions in Figure 2 and 3.
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indicates that the variable is associated with increased respondent disagreement, while a negative re-

gression coefficient indicates lesser respondent disagreement. Table E1 in the Supplementary Appendix

shows the five separate indicators of the AFI, while Figure 1 shows the pooled model.18

Figure 1 indicates that respondent disagreement varies slightly depending on the freedom of

expression in the country coded, indicating that limited access to information not only influences

citizens in their countries but may also affect coders’ ratings. Specifically, respondent disagreement is

(statistically insignificantly) lower in countries with high levels of access to information (standardized

coefficient = −0.09, 95% CI = [-0.178, 0.002]). We further control for the number of respondents per

indicator and find that the higher the number of respondents for an indicator per country-date, the

lower the overall disagreement between coders (standardized coefficient = −0.031, 95% CI = [-0.068,

0.005]). Moreover, Figure 1 shows that the percentage of external coders (not living in the country

coded) increases the respondent disagreement slightly by 0.05 (95% CI = [0.008, 0.092]). This finding

is statistically significant and could be reflective of a slightly lower level of familiarity with the country

among external coders as opposed to those residing or born in the country. Moreover, we test for

the raters’ mean confidence and find that it does not substantially affect the respondent disagreement

(standardized coefficient = 0.005, 95% CI = [-0.05, 0.04]).19 In addition, we also test whether the

year for the coded country affect coders’ disagreement. Figure 1 and Table E1 reveals that coder’s

disagreement is lower for earlier than for recent years (standardized coefficient = −0.107, 95% CI =

[-0.154, -0.061]). This result may be surprising given the general idea that “the distant past is harder

to code than the present” (McMann et al., 2022, p. 438). However, McMann et al. did also not find

evidence for this claim. In reality, this appears thus to be a matter of perspective and likely depends

on the specific pool of experts recruited for the coding. One could in fact plausibly argue that coders

are more likely to overestimate the importance of specific events when they code recent years, whereas

the larger pattern might become clearer with temporal distance.20 Knutsen et al. (Knutsen et al.,

2023, p. 18) find no evidence for increased pessimism in recent years (also called recency bias) in

V–Dem’s expert-coded data analyzing V-Dem’s indicators for the Electoral Democracy Index. Figure

1 also controls for regional effects and indicates that – compared to Eastern Europe and Central Asia

– respondent disagreement is larger in Subsahara Africa and MENA, while respondent disagreement

is lower in Western Europe and North America.

18The pooled model controls for indicator-fixed effects, as plotted in Figure 1.
19See Appendix I for an overview of the rater’s confidence across indicators.
20We thank Katrin Kinzelbach for drawing our attention to this point.
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Figure 1. Predicting respondent disagreement (Pooled Model)
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OLS regression with standard errors, clustered on countries. Measure fixed effects are included in the model
but omitted from the figure.
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We test also for a nonlinear relationship between academic freedom levels and respondent dis-

agreement by using the quadratic term for the level of academic freedom (standardized coefficient

= −1.1, 95% CI = [-1.42, -0.78]). The results, which are also plotted in Figure 2, indicate that the

greatest disagreement between respondents occurs, in fact, in countries with an Academic Freedom

Index between 0.25 and 0.6, while the disagreement is the lowest in countries with well-protected

academic freedom. This shows that academic freedom levels between complete absence of academic

freedom and mid-levels of academic freedom (<0.75) are most challenging for experts to assess. This

may result in more volatile point estimates represented by higher uncertainty intervals. This finding

is not particularly surprising: where freedom levels are very high, information availability is likely to

be very good, and experts can be relatively confident that relevant issues are known. As a result,

we would also expect a comparatively high agreement between experts. Although very low levels of

academic freedom are also comparatively easy to identify, the agreement might be somewhat lower

because information about pockets of relative freedom is less systematically available and might be

assessed differently by different experts. The distinction among middle-lower range freedom levels

requires arguably the most in-depth knowledge about the country situation and the most complex

decisions on how to factor existing spaces of relative freedom into the overall score, resulting in higher

disagreement among coders. Indeed, other research also indicates that that mid-levels of a concept

are generally harder to code than cases that show a clear low or high pattern (cf. Coppedge et al.,

2020, pp. 160–162).

In sum, our findings show that respondent disagreement is not at a critical level and that

disagreement varies with the level of academic freedom in a way that we expected.

3.7 Analyzing Individual Respondent Biases

In the next step, we analyze whether there are systematical biases in the Academic Freedom Index.

We first test for what Bollen and Paxton (2000) call “situational closeness” before we evaluate whether

there is systematic bias resulting from different coder characteristics. The situational closeness thesis

assumes that experts are influenced “by how situationally and personally similar a country is to them”

(Bollen and Paxton, 2000, p. 72). To evaluate biases resulting from different respondent character-

istics and country characteristics, as well as “situational closeness”, we use the V-Dem post-survey

questionnaire. Figure 3 shows the effects on respondents’ ratings of their views of markets and democ-

racy, combined with the coded country’s regime characteristics. More concretely, we evaluate whether
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Figure 2. Predicted respondent disagreement by AFI
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respondents provide different ratings for academic freedom depending on whether they support (a)

the principles of electoral democracy, (b) the principle of liberal democracy, and/or (c) free markets.

We also test for a number of other individual-level factors that may influence respondents ratings (see

Table 3 for distributions). We further control for the time experts spent on coding.

Figure 3 shows the standardized regression coefficients for the pooled regression analysis with

the respondent ratings as the dependent variable. Thus, the point estimates for each explanatory

variable (plotted at the y-axis) shows the standardized effects on respondent raw ratings, while the

bars represent the 95% and 90% confidence intervals. A positive coefficient indicates a systematic

positive effect of this characteristic on the respondents’ rating, while a negative coefficient indicates

that a respondent rates the respective country-date systematically lower. Overall, systematic biases

affect the data when the regression coefficients are statistically significant. Systematic biases are less

problematic when they have a plausible theoretical explanation.

The results shown in Figure 3 and Table E2 in the Supplementary Appendix indicate that

respondents’ situational closeness to the country coded does not result in systematic biases in their

ratings. Specifically, Figure 3 reveals that neither respondents’ support for free markets (standardized

coefficient = −0.036, 95% CI = [-0.044, 0.116]), nor respondents’ support for electoral democracy

(standardized coefficient = 0.007, 95% CI = [-0.129, 0.143]) or liberal democracy (standardized coeffi-

cient = −0.016, 95% CI = [-0.187, 0.155]) affect their ratings – indicated by the small and statistically
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Figure 3. Predicting respondent ratings with respondent and country characteristics (Pooled
Model)
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insignificant effects. Figure 3 and 4 do, however, indicate that respondents rate more democratic (stan-

dardized coefficient = 0.673, 95% CI = [0.354, 0.992]) and liberal countries (standardized coefficient

= 0.969, 95% CI = [0.688, 1-251]) as having more academic freedom, as one would expect. Yet none

of the interactions between respondents’ views of democracy and the country’s regime characteristics

are substantially meaningful or statistically significant.21 The positive effect of electoral democracy

and the liberal component of democracy does therefore not indicate problematic biases, as the effect is

not driven by respondents’ individual democratic support. In sum, there is no evidence of ideological

biases in respondents’ ratings resulting from the context of the country coded.

In addition, we also test for the effects of individual respondent’s characteristics on their as-

sessments. Figure 3 shows that respondents who reside in the country tend to code academic freedom

somewhat higher compared to experts who assess the country from outside (standardized coefficient

= 0.052, 95% CI = [-0.028, 0.131]). However, the effect size is substantially small and statistically

not significant. Whether respondents are government employees22 does not increase respondents rat-

ings significantly (standardized coefficient = 0.123, 95% CI = [-0.058, 0.303]), nor does respondents’

education level (i.e. PhD or not; standardized coefficient = −0.042, 95% CI = [-0.127, 0.044]).

Respondents’ gender coefficient, however, is negative and statistical significant at 0.05; female

respondents rate academic freedom systematically lower compared to male respondents, all else equal

(standardized coefficient = −0.116, 95% CI = [-0.198,-0.034]). To investigate this point further, we

plot in Figure 5 the predicted ratings for female and male respondents as well as contrasts between

male and female respondents. It similarly indicates that female respondents rate academic freedom

slightly lower compared to male respondents, but here the difference is statistically insignificant.23

One possible explanation for the differences could be diverging experiences women and men have in

terms of their individual academic freedom. Therefore, in Figure 5C and D we test the interaction

effect between residing in a country and respondents’ gender. If the assumption holds true, we would

expect to see that women experts who reside in the country rate it systematically lower compared not

only to men, but also to women who do not reside in the country. However, the figure shows that the

opposite tendency is true – i.e., external female coders tend to assign the lowest scores. The marginal

21Standardized coefficient for EDI * Support for EDI = 0.003, 95% CI = [-0.275, 0.281], and standardized
coefficient for Liberal component * Support for liberal principle = 0.221, 95% CI = [-0.065, 0.506]).

22See definition in supra note 10.
23In the predictions and average marginal effects plots shown in Figure 5A and B, different quantities were

estimated compared to the regression coefficients in Figure 4, while the former are non-linear combinations of
the latter, resulting in different levels of statistically significance. However, what matters are the substantial
effects shown in Figure 5.
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Figure 4. Predicted respondent ratings by Democratic Quality and First and Third Quartile
of Respondent’s Individual Support for Liberal/Electoral Democracy.
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effects plot in Figure 5C also shows that the difference is still statistically insignificant, though the

share of female coders who have contributed to the AFI data is also relatively low overall (less than

30%).

Another possible explanation for these findings is that women may not only differ in their

individual experience of academic freedom from their male colleagues, but that they might also have a

higher awareness of systematic differences in the experiences of others. The divergences in coding could

therefore point to the interlinkages between discrimination and academic freedom that are currently not

explicitly captured by the AFI (see section 2.1). While the differences are not statistically significant,

and therefore not cause for serious concerns, they make a case for directing efforts at further diversifying

the pool of expert coders.

Overall, we can therefore conclude that there is no evidence for systematic respondent biases

resulting from individual respondent characteristics that would seriously affect the quality of the

Academic Freedom Index.
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Figure 5. Average Marginal Effects (A and C) and predicted respondent ratings (B and D) by
Respondent’s Gender and Respondent’s Reside/Born in Country
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4 Convergent Validity Assessment

In the next step, we analyze to what extent the academic freedom measure correspond to alternative

data sources. As mentioned before, among other expert-coded assessments, only Freedom House

(FH) measures academic freedom as a separate concept. However, FH’s indicator D3 on academic

freedom (“Is there academic freedom, and is the educational system free from extensive political

indoctrination”) does not specify what academic freedom means, focuses mainly on political expression

of researchers and students, and conflates higher education with primary and secondary education

(Spannagel and Kinzelbach, 2022). Since it is the only available cross-national time-series indicator

that was not curated by the V-Dem project, we nevertheless use it in this section to conduct a

traditional convergent validity assessment in the first step, to then “statistically examine the extent

to which observable aspects of the data generation process predict systematic divergence between the

chosen measure and the alternatives” (McMann et al., 2022, pp. 439–440).

Traditional Convergent Validity. Figure 6 shows the association between the V-Dem Academic Free-

dom Index and the FH academic freedom indicator. It presents the statistical association for the years

between 2012 and 2022 that are available in both the V-Dem and the FH dataset. Figure 6 reveals

that divergence between V-Dem and FH is relevant across all levels of academic freedom. The differ-
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ences are the highest for cases of mid-level academic freedom when looking at the V-Dem Academic

Freedom Index, where V-Dem disagreement is also the greatest as shown in 3.6. In addition, we can

depict visual outliers, for example Ethiopia (in 2016 to 2018), Gabon in 2021 and 2022 as well as the

Gambia in 2017, which all score systematically higher in the AFI than in the FH assessment. At the

same time, Brazil (2019 and 2020) and Fiji (2012 to 2014), and Mauritania (2022) score systematically

higher in the FH assessment than in the AFI, as plotted in Figure 6. Some of these divergence may

stem from the fact that in their scoring process, FH uses a country’s score from the previous year “as

a benchmark for the current year under review”, meaning that scores only tend to be changed as a re-

sult of major developments. Though they note that “gradual changes [...] are occasionally registered”

(Freedom House, 2023, p. 2), this makes the FH scores far less sensitive to incremental improvements

or deteriorations than the V-Dem measure. On a substantive level, as noted earlier, the FH indicator

conceptually encompasses not only higher education but also primary and secondary education, which

could distort the assessment. At the same time, the correlation coefficient of 0.854 further indicates

that the two measures disagree in a number of cases, but it also shows overall evidence of convergent

validity. Figure F1 in the Supplementary Appendix presents the statistical association for each year

separately. It validates the main findings from Figure 6.

Statistical Analysis of Measure Convergence. Figure 7 assesses systematic determinants of diver-

gence between V-Dem’s Academic Freedom Index and FH’s academic freedom indicator. We ask here

“whether the composition of V-Dem respondents per country and year, measured with average respon-

dent characteristics, affects the tendency for V-Dem to deviate” (McMann et al., 2022, p. 441) from

FH’s indicator of academic freedom. However, we should keep in mind that divergence can also come

from the fact that the FH measure is conceptually different from V-Dem’s. As Hawken and Munck

argue, “Consensus is not necessarily indicative of accuracy and the high correlation ... by themselves

do not establish validity” (Hawken and Munck, 2009, p. 4). In addition, we cannot assess the raw

country-year coder scores and coder characteristics from FH, as they are not publicly available and

thus are not able to regress raw coder scores on each other. However, we can examine the systematic

determinants of divergence between both measures. Figure 7 presents the results of the regression

analysis (presented in detail in Table E2 in the Supplementary Appendix). The dependent variable

is absolute residuals from regressing V-Dem AFI indicators as a pooled model on the FH academic

freedom measure (Table F1 shows the regression analysis for each indicator separately).
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Figure 6. Comparing the V-Dem Academic Freedom Index with Freedom House academic
freedom measure (2012-2022).
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Figure 7 shows that the V-Dem share of female respondents as a predictor of divergence is

slightly positive but statistically not significant (standardized coefficient = 0.024, 95% CI = [-0.095;

0.144]). A higher average age of V-Dem respondents (standardized coefficient = −0.132, 95% CI

= [-0.258; -0.006]) significantly decreases the absolute difference between V-Dem and FH, while the

share of V-Dem respondents with a PhD (standardized coefficient = 0.044, 95% CI = [-0.086; 0.147])

does not significantly affect the absolute difference between V-Dem and FH. In addition, the share

of respondents employed by government coefficient is positive but also not statistically significant

(standardized coefficient = 0.0.088, 95% CI = [-0.036; 0.212]). Moreover, whether a respondent

resides in a country he/she is coding (standardized coefficient = −0.011, 95% CI = [-0.12; 0.097]) and

whether respondents support free market (standardized coefficient = −0.021, 95% CI = [-0.154; 0.112])

or liberal democracy (standardized coefficient = 0.001, 95% CI = [-0.159; 0.162]) do not systematically

increase the absolute residuals between V-Dem and FH.

The only other variable next to age that shows a significant effect is respondent disagreement

in the coding, whose coefficient is negative (standardized coefficient = −0.206, 95% CI = [-0.283;

-0.128]). Therefore, larger disagreement between V-Dem’s respondents is associated with smaller

absolute difference between V-Dem Academic Freedom Index and the FH academic freedom measure.
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Figure 7. Explaining deviations from FH academic freedom indicator with aggregate
respondent characteristics (Pooled Model)
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OLS regression with standard errors, clustered on countries. The dependent variable is the absolute residuals
from regressing each V-Dem measure on Freedom House’s D3 indicator on academic freedom and educational
system. Year-fixed effects and measure-fixed effects are included in the model but omitted from the figure.
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However, this finding may be a statistical artifact and it should not be interpreted as causal. We

cannot assess the connection in more detail as FH do not report expert disagreement and the expert

consultation happens behind closed doors.24 Overall, however, the pattern is clear: there are few

systematic predictors of the deviations between FH and V-Dem Academic Freedom Index among the

coder characteristics.

5 Conclusion

This article has explored data quality of the Academic Freedom Index by using different tools for

assessing content validity, the data generation process, and convergent validity. We used the road map

introduced by McMann and coauthors (McMann et al., 2022) and thereby contributed to different sets

of literature. Firstly, we speak to the literature on data quality assessments (e.g., McMann et al., 2022;

Seawright and Collier, 2014; Adcock and Collier, 2001; Sartori, 1970; Zeller and Carmines, 1980) by

providing one of the first applications of McMann et al’s approach. Secondly, we advance research on

(how to measure) academic freedom (e.g. Abdel Latif, 2014; Spannagel, 2020; Appiagyei-Atua, Beiter,

and Karran, 2016; Grimm and Saliba, 2017; Karran, Beiter, and Appiagyei-Atua, 2017; Pruvot,

Estermann, and Popkhadze, 2023) by assessing the data quality of the Academic Freedom Index in

detail and with rigor. We thus inform substantive research “about how strengths and limitations of a

chosen measure might affect the findings of substantive research, or more specifically, the conditions

under which substantive conclusions might be more or less robust” (McMann et al., 2022, p. 445). This

can help inform future research on academic freedom that seeks to make use of this newly introduced

measure in substantive analyses.

In this discussion, we give various examples of how different aspects and assumptions of the AFI

affect and should inform scholars and practitioners who wish to use the data for substantive research

questions. First, in the content validity assessment, we show that the conceptualization of the AFI

through five different dimensions, which are reflective indicators for the latent construct of academic

freedom, is empirically valid. At the same time, there are conceptual limits to the AFI that need to be

taken into account, such as its focus on academic freedom as a negative, not a positive freedom, and its

currently only indirect inclusion of the student perspective. In addition, we discuss critically how the

different indicators can be aggregated to customized measures and show how to include measurement

24In addition, the findings only include the years between 2012 and 2022.

30



noise into the aggregation of different indicators with Bayesian factor analysis. Among the alternatives

tested, the AFI seems to deliver the best results. However, if researchers disagree with the theoretical

assumption that the five indicators are symptoms of the latent concept of academic freedom, they are

able to aggregate the available indicators in customized ways to measure the latent construct. For

instance, there might be reasons to consider specific indicators as determinants of academic freedom,

as necessary conditions or mutually substitutable indicators. That said, prior to using alternative

aggregation methods in substantive research, a critical assessment of the chosen measure’s strengths

and limitations is highly recommended.

Second, the AFI’s data generation process as part of the V-Dem project, a serious and renowned

academic endeavor, inspires confidence in its general data quality. Moreover, the V-Dem experts

represent diverse backgrounds in terms of their geographic location and expertise, and as academics

they seem particularly qualified given their likely intimate knowledge of the country’s higher education

system. Overall, these findings suggest that the academic freedom data can be applied across contexts

and are valid for countries around the world.

Third, the findings from the inter-respondent disagreement analysis as well as the correlates of

respondent ratings tell us that the AFI data does overall not exhibit systematic biases that stem from

country or respondent characteristics, as far as we can tell from the data available. In particular, the

analysis of the inter-respondent disagreements indicates that country contexts with more freedom of

expression show less respondent disagreement. In addition, respondent disagreement has a nonlinear

relationship with the level of academic freedom. This means there is most respondent disagreement

at mid-levels of academic freedom, less at low levels, and the least at high levels of academic freedom.

Respondent disagreement may lead to more uncertainty in the AFI measure, so we strongly advise

users of the data to consider the statistical uncertainty of the predicted scores, particularly when

examining countries with mid-range or recent volatile levels of academic freedom.

More generally, when working with latent variables, such as academic freedom or democracy,

researchers should always take measurement uncertainty into account to avoid presenting inconclu-

sive findings or biased standard errors. For this purpose, the V-Dem dataset provides measurement

uncertainty estimates as well as posterior files to enable users to incorporate measurement noise into

statistical and substantive analyses.25

25How measurement noise can drive empirical research is recently discussed in an exchange between Hu and
coauthors (2022) and Claassen (2021)
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Appendix

Abstract

This Appendix provides supplementary information and additional analyses to accompany
the article Quality Assessment of the Academic Freedom Index - Strengths, Weaknesses,
and How Best to Use It. Section A includes the wording of the V-Dem academic freedom
indicator questions and their answer categories posed to the experts. Section B displays
the exploratory factor analysis in the content validity assessment included in the main
text. In addition, it also examines the fit of the one-factor model and a number of al-
ternative specifications using frequentist confirmatory factor analysis (CFA) techniques.
Section C discusses the index-level aggregation and presents alternative ways to aggregate
the indicators to academic freedom indices. Section D expands on the discussion about
correlated errors across the Academic Freedom measures included in Section 3.1. In Sec-
tion E, we provide additional models and findings that accompany the findings presented
in the main paper in Figure 1 and 3. We also estimate models with the coder perceptions
scores instead of the coder raw scores and thereby show that also the coder perceptions
are unbiased in various dimensions (Section G). Section F shows additional information
for the convergent analysis applied in the main paper.
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A V-Dem Academic Freedom Indicators

A.1 v2cafres Freedom to research and teach

Question: To what extent are scholars free to develop and pursue their own research and teaching
agendas without interference?
Clarification: Examples of interference include research agendas or teaching curricula being drafted,
restricted, or fully censored by a non-academic actor; scholars being externally induced, through
possible reprisals, to self-censor; or the university administration abusing its position of power to
impose research or teaching agendas on individual academics. It also includes public pressure on
academics - offline and online. We do not consider as interference restrictions that are due to research
priorities, as well as ethical and quality standards, freely defined by the scholarly community as well as
the development of standardized curricula by academics that aim to structure and enhance teaching.
Responses:

• 0: Completely restricted. When determining their research agenda or teaching curricula, schol-
ars are, across all disciplines, consistently subject to interference or incentivized to self-censor.

• 1: Severely restricted. When determining their research agenda or teaching curricula, scholars
are, in some disciplines, consistently subject to interference or incentivized to self-censor.

• 2: Moderately restricted. When determining their research agenda or teaching curricula, schol-
ars are occasionally subject to interference or incentivized to self-censor.

• 3: Mostly free. When determining their research agenda or teaching curricula, scholars are
rarely subject to interference or incentivized to self-censor.

• 4: Fully free. When determining their research agenda or teaching curricula, scholars are not
subject to interference or incentivized to self-censor.

Scale: Ordinal, converted to interval by the measurement model.

A.2 v2cafexch Freedom of academic exchange and dissemination

Question: To what extent are scholars free to exchange and communicate research ideas and findings?
Clarification: Free academic exchange includes uncensored access to research material, unhindered
participation in national or international academic conferences, and the uncensored publication of
academic material. Free dissemination refers to the unrestricted possibility for scholars to share
and explain research findings in their field of expertise to non-academic audiences through media
engagement or public lectures.
Responses:

• 0: Completely restricted. Academic exchange and dissemination is, across all disciplines, con-
sistently subject to censorship, self-censorship or other restrictions.

• 1: Severely restricted. Academic exchange and dissemination is, in some disciplines, consistently
subject to censorship, self-censorship or other restrictions.

• 2: Moderately restricted. Academic exchange and dissemination is occasionally subject to
censorship, self-censorship or other restrictions.

• 3: Mostly free. Academic exchange and dissemination is rarely subject to censorship, self-
censorship or other restrictions.
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• 4: Fully free. Academic exchange and dissemination is not subject to censorship, self-censorship
or other restrictions.

Scale: Ordinal, converted to interval by the measurement model.

A.3 v2cainsaut Institutional autonomy

Question: To what extent do universities exercise institutional autonomy in practice?
Clarification: Institutional autonomy “means the independence of institutions of higher education
from the State and all other forces of society, to make decisions regarding its internal government,
finance, administration, and to establish its policies of education, research, extension work and other
related activities” (Lima Declaration). Note that institutional autonomy does not preclude universities
from accepting state or third party funding, but does require that they remain in charge of all types
of decisions listed above. Institutional autonomy does also not preclude a public oversight role by the
state over universities’ spending of public funds.
Responses:

• 0: No autonomy at all. Universities do not exercise any degree of institutional autonomy;
non-academic actors control decision-making.

• 1: Minimal autonomy. Universities exercise only very limited institutional autonomy; non-
academic actors interfere extensively with decision-making.

• 2: Moderate autonomy. Universities exercise some institutional autonomy; non-academic actors
interfere moderately with decision-making.

• 3: Substantial autonomy. Universities exercise institutional autonomy to a large extent; non-
academic actors have only rare and minimal influence on decision-making.

• 4: Complete autonomy. Universities exercise complete institutional autonomy from non-academic
actors.

Scale: Ordinal, converted to interval by the measurement model.

A.4 v2casurv Campus integrity

Question: To what extent are campuses free from politically motivated surveillance or security in-
fringements?
Clarification: “Campus” refers to all university buildings as well as digital research and teaching plat-
forms. Campus integrity means the preservation of an open learning and research environment marked
by an absence of an externally induced climate of insecurity or intimidation on campus. Examples of
infringements of campus integrity are politically motivated on-campus or digital surveillance, presence
by intelligence or security forces, presence of student militias, or violent attacks by third parties, if
specifically targeting universities to repress academic life on campus. Note that we are only interested
in politically motivated infringements and targeted attacks on campus integrity, not in non-political
security concerns or proportionate security measures taken on campus to address these.
Responses:

• 0: Completely restricted. Campus integrity is fundamentally undermined by extensive surveil-
lance and severe intimidation, including violence or closures.

• 1: Severely restricted. Campus integrity is to a large extent undermined by surveillance and
intimidation, at times including violence or closures.
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• 2: Moderately restricted. Campus integrity is challenged by some significant cases of surveillance
or intimidation.

• 3: Mostly free. Campus integrity is to a large extent respected, with only minor cases of
surveillance or intimidation.

• 4: Fully free. Campus integrity is comprehensively respected; there are no cases of surveillance
or intimidation.

Scale: Ordinal, converted to interval by the measurement model.

A.5 v2clacfree Freedom of academic and cultural expression

Question: Is there academic freedom and freedom of cultural expression related to political issues?
Clarification: No clarification
Responses:

• 0: Not respected by public authorities. Censorship and intimidation are frequent. Academic
activities and cultural expressions are severely restricted or controlled by the government.

• 1: Weakly respected by public authorities. Academic freedom and freedom of cultural expression
are practiced occasionally, but direct criticism of the government is mostly met with repression.

• 2: Somewhat respected by public authorities. Academic freedom and freedom of cultural ex-
pression are practiced routinely, but strong criticism of the government is sometimes met with
repression.

• 3: Mostly respected by public authorities. There are few limitations on academic freedom and
freedom of cultural expression, and resulting sanctions tend to be infrequent and soft.

• 4: Fully respected by public authorities. There are no restrictions on academic freedom or
cultural expression.

Scale: Ordinal, converted to interval by the measurement model.
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B Two-dimensional factor analysis

Table B1. Conceptual Alignment across V-Dem academic freedom indicators (Unidimensional
Frequentist Factor Analysis)

Measure Loadings Uniqueness

Freedom to research and teach v2cafres 0.971 0.058
Freedom of academic exchange and dissemination v2cafexch 0.977 0.045
Institutional Autonomy v2cainsaut 0.897 0.195
Campus integrity v2casurv 0.925 0.144
Freedom of academic and cultural expression v2clacfree 0.87 0.244

Table B2. Conceptual Alignment across V-Dem academic freedom indicators
(Two-dimensional Frequentist Factor Analysis)

Factor Measure Loadings Uniqueness

Dimension 1 Freedom to research and
teach v2cafres

0.971 0.058

Freedom of academic ex-
change and dissemination
v2cafexch

0.977 0.045

Freedom of academic
and cultural expression
v2clacfree

0.897 0.195

Dimension 2 Institutional Autonomy
v2cainsaut

0.925 0.144

Campus integrity
v2casurv

0.87 0.244

v



C Index-level aggregation

In this section, we present two alternative ways to aggregate indicators that we originally used to
construct the Academic Freedom Index as a latent construct. The two alternative aggregation rules
presented here assume that the indicators are formative indicators for the academic freedom con-
cept. As described in the main text, the second choice is whether indicators are treated as (partially)
mutually substitutable aspects of a given concept (additive aggregation rule) or as individually nec-
essary conditions (multiplicative aggregation rule) for it. The equation used to construct the additive
academic freedom index is defined as:

Additive AFI = (v2cafres+ v2cafexch+ v2clacfree+

v2cainsaut+ v2casurv)/5
(1)

The equation used to construct the proposed multiplicative academic freedom index is defined as:

Multiplicative AFI = v2cainsautosp∗
((v2cafresosp + v2cafexchosp + v2clacfreeosp + v2casurvosp)/4)

(2)

Figure C1 presents the empirical distribution of all three proposed academic freedom measures along
with the country-year based correlations between them. Figure C1D contrasts the academic AFI and
the original AFI, demonstrating that they the academic AFI discriminate at two different ends of the
underlying academic freedom index distribution. Figure C1C reveals that the multiplicative AFI is left
skewed and thus is more demanding compared to the original AFI and the additive AFI as theoretically
expected. Figure C1E contrasts the original AFI and the multiplicative AFI. It reveals that the
multiplicative AFI scores are systematically lower compared to the original AFI. A similar pattern
can be observed when comparing the additive and the multiplicative AFI. Overall, the graphical
presentation supports the notion that different aggregation procedures lead to different indices.
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Figure C1. Aggregation to Academic Freedom Index
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D Respondent-Correlated Errors

Our experts complete surveys of questions for the Academic Freedom Index and the V-Dem project,
often more than one. Therefore, the same experts are likely to provide information about multiple
academic freedom questions, such as Freedom to research and teach and institutional autonomy. The
Academic Freedom Index questions appear in two separate surveys. Thus, it is highly likely that the
same expert rate at least the questions asked in the Civic and Academic Space survey. In addition,
those experts that answer the questions that appear in the Civic and Academic Space survey are
not highly likely to also answer questions in the Civil liberty survey, which asks the question on the
freedom of academic and cultural expression. As shortly discussed in the main paper, this fact may be
a weakness of the V-Dem data generation process, “because correlated errors can inflate relationships
between V-Dem variables, to an extent unwarranted by the latent variables that these measures
attempt to capture” (McMann et al., 2022, p. 9). Therefore, caution is indicated when placing these
variables on both sides of a regression equation. In addition, this fact also might mean that “some
of the covariance in our factor analytic analyses stems from correlated respondent errors, rather than
strong reflection of an underlying factor” (McMann et al., 2022, p. 9). In this step, we examine the
extent to which respondent-correlated errors are likely to contaminate the V-Dem academic freedom
measures.

We begin with the analysis of raw errors in rater scores. We use version 13 of the V-Dem
dataset and calculate the average codings for the raw survey scales for each of the fifth measures and
calculate the average deviation from those scores for each rater. Table D1 shows the pairwise-complete
correlations between raw rater errors across the fifth scores. The correlations in Table D1 indicates
that the are quite high, especially for the Civic and Academic Space survey. As a first clue, these high
correlations seem to be worrying.

v2cafexch v2cafres v2cainsaut v2casurv v2clacfree

v2cafexch 1.000 0.783 0.540 0.581 0.329
v2cafres 0.783 1.000 0.574 0.589 0.367
v2cainsaut 0.540 0.574 1.000 0.524 0.275
v2casurv 0.581 0.589 0.524 1.000 0.328
v2clacfree 0.329 0.367 0.275 0.328 1.000

Table D1. Raw Respondent Error Correlations

However, as McMann et al. argue “correlations in rater errors can stem from both systematic
and stochastic sources” (McMann et al., 2022, p. 10). Stochastic errors are those that appear when a
expert who gives a country A too high a score on one indicator my make a similar random mistake
with respect to another indicator for country A. Therefore, a highly likely driver of correlated errors
between these indicators is so-called differential item functioning (DIF). DIF appears when raters with
higher standards apply those same high standards to every item they score. As described in Pemstein
et al. (2023), the V-Dem measurement model explicitly models and adjusts for this sort of DIF when
aggregating expert ratings. Because the V-Dem measurement model account for DIF, the analysis of
raw respondent errors is error-prone and can lead to false conclusions. Therefore, we analyze whether
model-corrected scores (also called rater perceptions by the V-Dem approach) are highly correlated
with each other. Again, we use V-Dem version 13 data to calculate these perceptions from the posterior
samples of parameters that V-Dem’s ordinal item response theory model simulated for each indicator.
For more information on the coder perceptions that are simulated from the posterior distributions see
Pemstein et al. (2023).
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We use these rater perception estimates to replicate the raw respondent-error correlation anal-
ysis from Table D1. After correcting for DIF, we find substantially lower correlations in respondents
errors across academic freedom indicators. Table D2 indicates that after controlling for DIF with the
V-Dem measurement model, few errors correlate above 0.3 across measures. However, we see some
remaining evidence of correlated errors within Civic and Academic Space survey, ranging from 0.139
to 0.498. Especially the high correlation between the rater errors of campus integrity (v2casurv) and
freedom to research and teach (v2cafres) indicate caution. Overall, Table D2 and Table D1 show that
the rater errors are not completely uncorrelated and thus caution is warranted especially with analysis
that use Civic and Academic Space survey items on both side of the equation.

v2cafexch v2cafres v2cainsaut v2casurv v2clacfree

v2cafexch 1.000 0.436 0.188 0.327 0.083
v2cafres 0.436 1.000 0.191 0.493 0.053
v2cainsaut 0.188 0.191 1.000 0.139 0.079
v2casurv 0.327 0.498 0.139 1.000 0.038
v2clacfree 0.083 0.053 0.079 0.0308 1.000

Table D2. Model Adjusted Respondent Error Correlations

v2cafres v2cafexch v2cainsaut v2casurv v2clacfree

v2cafres 1130 1128 1127 1127 746
v2cafexch 1128 1130 1127 1126 747
v2cainsaut 1127 1127 1128 1126 745
v2casurv 1127 1126 1126 1128 745
v2clacfree 746 747 745 745 1838

Table D3. Total pairwise coders, unique coders per indicator in the diagonal
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E Examining Respondent Disagreement and Biases

E.1 Respondent Disagreement

Table E1 and Figure D1 extent the analysis from Figure 1 in the main paper to examine the correlates of respondent disagreement for each indicator
separately (Model 1-5) in the addition to the academic freedom index (Model 6).

Freedom to research
and teach

Freedom of academic
exchange and dissemi-
nation

Institutional autonomy Campus integrity Freedom of academic
and cultural expression

Pooled Model

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Intercept 6.163∗ 6.156∗ 4.851∗ 4.189∗ 4.764∗ 3.829∗

[4.447; 7.880] [4.343; 7.969] [2.929; 6.773] [2.493; 5.885] [2.915; 6.614] [2.515; 5.143]
Year −0.003∗ −0.003∗ −0.002∗ −0.002∗ −0.002∗ −0.002∗

[−0.004;−0.002] [−0.004;−0.002] [−0.003;−0.001] [−0.003;−0.001] [−0.003;−0.001] [−0.002;−0.001]
Freedom of Expression −0.160 −0.019 −0.309∗ −0.069 −0.443∗ −0.139

[−0.339; 0.018] [−0.207; 0.170] [−0.491;−0.127] [−0.229; 0.092] [−0.710;−0.176] [−0.284; 0.006]

Freedom to research and teach
−0.005 0.017
[−0.046; 0.037] [−0.008; 0.041]

Number of Coders Freedom to
research and teach

0.010
[−0.005; 0.025]

Freedom of academic
exchange and dissemination

−0.062∗

[−0.111;−0.014]
NoC Freedom of academic
exchange and dissemination

0.010
[−0.007; 0.026]

Institutional autonomy 0.057∗ 0.040∗

[0.016; 0.098] [0.000; 0.080]
Number of Coders
Institutional autonomy

0.014
[−0.002; 0.029]

Campus integrity
−0.061∗ 0.026
[−0.103;−0.018] [−0.008; 0.059]

Number of Coders Campus
integrity

0.013
[−0.001; 0.027]

Freedom of academic and
cultural expression

0.120∗ 0.031
[0.060; 0.179] [−0.009; 0.071]

NoC Freedom of academic and
cultural expression

0.005
[−0.005; 0.016]

Academic Freedom Index 0.984∗

[0.605; 1.364]

Academic Freedom Index sqr.
−1.100∗

[−1.423;−0.777]
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Freedom to research
and teach

Freedom of academic
exchange and dissemi-
nation

Institutional autonomy Campus integrity Freedom of academic
and cultural expression

Pooled Model

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Number of Coders Academic
Freedom Index

−0.002
[−0.004; 0.000]

Percentage of Extern Coders
0.144 0.132 0.053 0.195 0.193 0.172∗

[−0.066; 0.354] [−0.097; 0.361] [−0.164; 0.270] [−0.027; 0.418] [−0.044; 0.429] [0.025; 0.319]

Rater’s Mean Confidence
−0.015 0.209 −0.301 −0.323∗ −0.416 −0.023
[−0.360; 0.329] [−0.157; 0.575] [−0.702; 0.099] [−0.619;−0.027] [−0.898; 0.065] [−0.235; 0.188]

Latin America and the
Caribbean

0.104 0.057 0.113∗ −0.039 0.063 0.032
[−0.003; 0.212] [−0.054; 0.168] [0.010; 0.217] [−0.145; 0.067] [−0.056; 0.181] [−0.033; 0.096]

MENA 0.221∗ 0.181∗ 0.149∗ 0.071 0.099 0.112∗

[0.098; 0.344] [0.046; 0.316] [0.025; 0.273] [−0.064; 0.206] [−0.033; 0.231] [0.026; 0.198]
SSA 0.174∗ 0.191∗ 0.150∗ 0.010 0.249∗ 0.088∗

[0.074; 0.274] [0.082; 0.300] [0.038; 0.262] [−0.101; 0.120] [0.130; 0.368] [0.016; 0.159]
Western Europe and North
America

−0.083 −0.151∗ −0.062 −0.161∗ −0.194∗ −0.073∗

[−0.179; 0.013] [−0.265;−0.038] [−0.171; 0.046] [−0.269;−0.053] [−0.306;−0.082] [−0.133;−0.014]
Asia and Pacific 0.049 0.018 0.002 −0.060 0.010 −0.039

[−0.064; 0.161] [−0.113; 0.149] [−0.098; 0.102] [−0.172; 0.051] [−0.096; 0.115] [−0.112; 0.033]

R2 0.239 0.310 0.176 0.289 0.208 0.242
Adj. R2 0.238 0.310 0.175 0.288 0.208 0.242
Num. obs. 14682 14674 14663 14666 18978 74512
RMSE 0.299 0.307 0.304 0.297 0.367 0.317
N Clusters 180 180 180 180 183 180
∗ Null hypothesis value outside the confidence interval.

Table E1. Linear Models predicting respondents’ disagreement (raw coder ratings)

x
i



Figure D1. Predicted respondent disagreement (raw coder scores disagreement)
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E.2 Respondent Biases

Table D2 and Figure D2 extend our test for “situational closeness” from Figure 3 in the paper. In addition, they also extent the analysis of systematic
bias resulting from different coder characteristics. The respondent-country characteristics interaction are - as in the main paper - insignificant for
any of the individual indicators.

Freedom to research
and teach

Freedom of academic
exchange and dissemi-
nation

Institutional autonomy Campus integrity Freedom of academic
and cultural expression

Pooled Model

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Intercept 0.310 1.527 3.750 3.172 1.888 1.032∗

[−3.082; 3.702] [−1.874; 4.928] [−0.251; 7.751] [−0.378; 6.721] [−1.590; 5.365] [0.699; 1.364]
Respondent’s Gender −0.133∗ −0.139∗ −0.098 −0.036 −0.207∗ −0.116∗

[−0.244;−0.023] [−0.251;−0.027] [−0.200; 0.005] [−0.149; 0.076] [−0.298;−0.117] [−0.199;−0.033]
Respondent’s Age: Middle
Cohort

0.014 −0.024 −0.032 −0.078 0.139 −0.000
[−0.145; 0.173] [−0.191; 0.143] [−0.230; 0.165] [−0.254; 0.099] [−0.054; 0.333] [−0.133; 0.133]

Respondent’s Age: Oldest
Cohort

0.102 0.092 0.020 0.052 0.120 0.078
[−0.061; 0.265] [−0.073; 0.257] [−0.183; 0.222] [−0.130; 0.234] [−0.066; 0.305] [−0.060; 0.215]

Respondent: PhD education
−0.021 −0.069 0.019 −0.034 −0.123∗ −0.042
[−0.132; 0.090] [−0.177; 0.040] [−0.099; 0.137] [−0.141; 0.074] [−0.233;−0.013] [−0.128; 0.045]

Respondent: Government
employed

0.121 0.100 0.086 0.039 0.280 0.123
[−0.122; 0.364] [−0.144; 0.344] [−0.191; 0.362] [−0.187; 0.265] [−0.005; 0.564] [−0.064; 0.309]

Respondent: Reside in
country

0.054 0.060 0.032 0.039 0.091 0.052
[−0.050; 0.158] [−0.043; 0.162] [−0.074; 0.139] [−0.065; 0.144] [−0.012; 0.194] [−0.029; 0.132]

Respondent supports free
markets

0.020 −0.002 0.037 0.018 −0.000 0.015
[−0.022; 0.061] [−0.046; 0.042] [−0.002; 0.076] [−0.027; 0.063] [−0.042; 0.041] [−0.018; 0.048]

Respondent supports electoral
democracy

0.036 0.005 0.018 −0.065 0.005 0.004
[−0.070; 0.142] [−0.096; 0.106] [−0.081; 0.118] [−0.170; 0.040] [−0.078; 0.088] [−0.069; 0.077]

Respondent supports liberal
democracy

−0.026 0.005 −0.020 0.014 −0.019 −0.008
[−0.143; 0.090] [−0.103; 0.113] [−0.123; 0.082] [−0.107; 0.135] [−0.105; 0.067] [−0.096; 0.079]

time spent for coding
−0.001 −0.001 −0.000 −0.002 0.002 −0.001
[−0.002; 0.001] [−0.002; 0.001] [−0.002; 0.002] [−0.004; 0.000] [−0.000; 0.004] [−0.002; 0.001]

Country liberal component
1.735∗ 1.812∗ 1.245∗ 2.072∗ 1.697∗ 1.671∗

[1.092; 2.379] [1.228; 2.396] [0.608; 1.881] [1.425; 2.718] [1.090; 2.304] [1.179; 2.163]
Country electoral democracy
level

1.240∗ 0.885∗ 1.690∗ 0.391 1.806∗ 1.194∗

[0.460; 2.020] [0.127; 1.643] [0.959; 2.421] [−0.344; 1.126] [1.129; 2.482] [0.618; 1.770]
Latin America and the
Caribbean

0.355∗ 0.246∗ 0.436∗ 0.095 0.066 0.262∗

[0.142; 0.569] [0.055; 0.437] [0.236; 0.637] [−0.091; 0.282] [−0.105; 0.236] [0.097; 0.427]
MENA −0.036 −0.091 0.046 −0.342∗ −0.122 −0.102

[−0.257; 0.185] [−0.323; 0.141] [−0.195; 0.286] [−0.523;−0.162] [−0.355; 0.110] [−0.284; 0.079]
SSA 0.254∗ 0.246∗ 0.253∗ −0.031 0.213∗ 0.199∗

[0.069; 0.440] [0.040; 0.452] [0.060; 0.446] [−0.176; 0.114] [0.033; 0.393] [0.054; 0.343]
Western Europe and North
America

−0.039 −0.120 −0.054 −0.332∗ −0.206∗ −0.122
[−0.234; 0.156] [−0.315; 0.075] [−0.268; 0.160] [−0.523;−0.142] [−0.356;−0.056] [−0.273; 0.029]
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Freedom to research
and teach

Freedom of academic
exchange and dissemi-
nation

Institutional autonomy Campus integrity Freedom of academic
and cultural expression

Pooled Model

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Asia and Pacific −0.098 −0.150 0.050 −0.199∗ −0.099 −0.088
[−0.309; 0.113] [−0.357; 0.056] [−0.161; 0.262] [−0.376;−0.023] [−0.266; 0.068] [−0.253; 0.076]

GDP pc −0.003 −0.000 0.001 0.003 0.001 0.000
[−0.007; 0.002] [−0.005; 0.004] [−0.003; 0.005] [−0.002; 0.008] [−0.004; 0.006] [−0.004; 0.004]

Respondent supports liberal
democracy * LibDem

0.097 0.082 0.142 0.066 0.092 0.098
[−0.072; 0.266] [−0.075; 0.240] [−0.023; 0.307] [−0.108; 0.240] [−0.030; 0.214] [−0.031; 0.226]

Respondent supports electoral
democracy * EDI

−0.018 0.056 −0.138 0.133 0.018 0.001
[−0.204; 0.167] [−0.116; 0.227] [−0.299; 0.024] [−0.055; 0.321] [−0.124; 0.159] [−0.128; 0.131]

Dummy Freedom to research
and teach

−0.114∗

[−0.142;−0.086]
Dummy Institutional
Autonomy

−0.119∗

[−0.146;−0.093]

Dummy Campus Integrity
−0.131∗

[−0.174;−0.087]
Dummy Freedom of academic
and cultural expression

−0.309∗

[−0.367;−0.251]

R2 0.492 0.488 0.420 0.487 0.556 0.488
Adj. R2 0.492 0.488 0.420 0.486 0.556 0.487
Num. obs. 81324 80992 80755 80183 60987 384241
RMSE 0.914 0.905 0.932 0.918 0.947 0.928
N Clusters 175 175 175 175 177 178
∗ Null hypothesis value outside the confidence interval.

Table D2. Linear Models predicting respondents rating with country characteristics
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Figure D2. Predicting respondent ratings with respondent and country characteristics (raw
coder ratings)
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F Convergent Analysis Assessment

F.1 Traditional Convergent Assessment

Figure F1. Comparing the V-Dem Academic Freedom Index with Freedom House academic
freedom measure for each year.
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F.2 Statistical Analysis of Measure Convergence

Freedom to research
and teach

Freedom of academic
exchange and dissemi-
nation

Institutional autonomy Campus integrity Freedom of academic
and cultural expression

Pooled Model

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Intercept 0.331 0.181 0.585 −0.548 −0.377 0.209
[−0.908; 1.570] [−1.216; 1.579] [−0.703; 1.872] [−1.827; 0.730] [−1.711; 0.957] [−0.875; 1.292]

Respondent’s Gender −0.128∗ −0.099 −0.080 −0.080 −0.070 −0.069
[−0.216;−0.040] [−0.210; 0.011] [−0.189; 0.029] [−0.181; 0.020] [−0.162; 0.021] [−0.157; 0.018]

Share female respondents −0.274 0.011 −0.006 0.187 0.377 0.079
[−0.741; 0.192] [−0.459; 0.481] [−0.441; 0.430] [−0.259; 0.634] [−0.063; 0.818] [−0.312; 0.470]

Respondent’s Age 0.050 0.038 0.075 0.038 0.127∗ 0.069∗

[−0.028; 0.127] [−0.031; 0.106] [−0.001; 0.151] [−0.047; 0.123] [0.050; 0.203] [0.003; 0.136]

Average Age of respondents
−0.409∗ −0.236 −0.342∗ −0.129 −0.311 −0.304∗

[−0.750;−0.067] [−0.605; 0.132] [−0.658;−0.027] [−0.447; 0.189] [−0.655; 0.032] [−0.598;−0.010]

Respondent: PhD education
−0.057 0.045 −0.016 −0.038 −0.045 −0.013
[−0.146; 0.032] [−0.061; 0.151] [−0.122; 0.090] [−0.155; 0.079] [−0.155; 0.065] [−0.095; 0.070]

Share of respondents with
PhD

0.232 0.021 −0.097 0.156 0.094 0.124
[−0.231; 0.695] [−0.422; 0.463] [−0.507; 0.313] [−0.219; 0.532] [−0.289; 0.477] [−0.249; 0.497]

Respondent employed by
government

0.120 0.208 0.068 0.211 −0.036 0.077
[−0.072; 0.312] [−0.063; 0.478] [−0.197; 0.334] [−0.087; 0.509] [−0.307; 0.235] [−0.142; 0.297]

Share respondents employed
by government

0.814 0.950 0.753 0.484 0.411 0.674
[−0.259; 1.887] [−0.154; 2.054] [−0.290; 1.796] [−0.770; 1.739] [−0.644; 1.465] [−0.296; 1.645]

Respondent: Reside in
country

0.134∗ 0.191∗ 0.183∗ 0.088 0.062 0.146∗

[0.043; 0.225] [0.057; 0.324] [0.058; 0.308] [−0.054; 0.231] [−0.069; 0.194] [0.038; 0.253]
Share respondent reside in
country

0.123∗ 0.171∗ 0.174∗ 0.091 0.049 0.133∗

[0.031; 0.215] [0.058; 0.285] [0.061; 0.286] [−0.022; 0.203] [−0.066; 0.164] [0.041; 0.225]
Respondent supports free
markets

0.041∗ 0.074∗ 0.055∗ 0.086∗ 0.057∗ 0.062∗

[0.002; 0.080] [0.036; 0.112] [0.016; 0.094] [0.048; 0.125] [0.018; 0.096] [0.032; 0.092]
Average support for free
market among respondents

−0.010 −0.002 −0.012 −0.090 0.030 −0.028
[−0.226; 0.207] [−0.223; 0.218] [−0.215; 0.192] [−0.310; 0.129] [−0.183; 0.243] [−0.205; 0.150]

Respondent supports electoral
democracy

0.003 0.011 0.010 −0.040 −0.024 −0.012
[−0.041; 0.047] [−0.040; 0.062] [−0.040; 0.061] [−0.095; 0.015] [−0.076; 0.027] [−0.049; 0.024]

Average support for electoral
democracy among respondents

0.304 0.121 0.081 0.112 0.175 0.195
[−0.028; 0.636] [−0.238; 0.481] [−0.248; 0.411] [−0.222; 0.445] [−0.157; 0.507] [−0.093; 0.482]

Respondent supports liberal
democracy

0.005 −0.011 0.024 0.010 0.005 −0.001
[−0.041; 0.051] [−0.067; 0.046] [−0.032; 0.081] [−0.048; 0.068] [−0.052; 0.061] [−0.046; 0.044]

Average support for liberal
democracy among respondents

−0.135 −0.043 −0.040 0.148 0.103 0.002
[−0.413; 0.143] [−0.337; 0.252] [−0.326; 0.247] [−0.163; 0.459] [−0.171; 0.377] [−0.258; 0.263]

Respondent Disagreement −0.206∗ −0.329∗ −0.456∗ −0.000 −0.472∗ −0.341∗

[−0.394;−0.017] [−0.547;−0.112] [−0.622;−0.291] [−0.279; 0.278] [−0.641;−0.304] [−0.470;−0.211]
Number of respondents −0.012 −0.011 0.001 −0.024 −0.012 −0.003

[−0.039; 0.015] [−0.041; 0.019] [−0.029; 0.031] [−0.054; 0.007] [−0.051; 0.026] [−0.009; 0.003]
Dummy Freedom to research
and teach

−0.122∗
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Freedom to research
and teach

Freedom of academic
exchange and dissemi-
nation

Institutional autonomy Campus integrity Freedom of academic
and cultural expression

Pooled Model

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

[−0.152;−0.093]
Dummy Institutional
Autonomy

−0.473∗

[−0.529;−0.417]

Dummy Campus Integrity
−0.169∗

[−0.236;−0.101]
Freedom of academic and
cultural expression

−0.262∗

[−0.323;−0.200]

R2 0.039 0.051 0.062 0.032 0.066 0.069
Adj. R2 0.038 0.049 0.060 0.030 0.064 0.069
Num. obs. 16228 13817 13811 13800 13787 75021
RMSE 0.914 0.853 0.831 0.878 0.857 0.878
N Clusters 177 177 177 177 177 177
∗ Null hypothesis value outside the confidence interval.

Table F1. Explaining deviations from FH academic freedom indicator (D3) with aggregate respondent characteristics
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Figure F2. Explaining deviations from FH academic freedom indicator (D3) with aggregate
respondent characteristics, sub-indicators

Share female respondents

Average age of respondents

Share respondents with PhD

Share respondents employed by government

Share respondents residing in country

Average support for free market among respondents

Average support for liberal democracy among respondents

Respondent disagreement

Number of respondents

−0.4 −0.2 0.0 0.2
estimate

Models  Institutional
autonomy

Campus
integrity

Freedom of academic
and cultural expression

Freedom of academic
exchange and dissemination

Freedom to research
and teach

OLS regression with standard errors, clustered on countries. The dependent variable is the absolute residuals
from regressing each V-Dem measure on Freedom House’s D3 indicator on academic freedom and educational
system. Year-fixed effects, and respondent characteristics are included in the model but omitted from the
figure.

xix



G Respondent Disagreement and Biases - Perceptions

G.1 Respondent Disagreement - Perceptions

In addition, Table G1 and Figure G1 estimate coder disagreement using the standard deviation of
measurement model-adjusted ratings among respondents for each country and year instead of raw
ratings among respondents that do not correct for DIF. Thus, when the results in Table G1 and G1
show no systematic correlates as in the main paper, we can conclude that there is little evidence for
systematic biases also when accounting for DIF.

Figure G1. Predicting respondent disagreement (Pooled Model)

Latin America and the Caribbean

MENA

SSA

Western Europe and North America

Asia and Pacific

Dummy Freedom to research and teach

Dummy Institutional autonomy

Dummy Campus integrity

Dummy Freedom of academic and cultural expression

Rater's Mean Confidence

Percentage External Coders

Number of respondents

Level of Academic Freedom squared

Level of Academic Freedom

Freedom of Expression

Year

−10 −5 0 5 10
Estimate

OLS regression with standard errors, clustered on countries. Measure fixed effects are included in the model
but omitted from the figure.
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Figure G2. Predicted respondent disagreement by AFI
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OLS regression with standard errors, clustered on countries.
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Freedom to research
and teach

Freedom of academic
exchange and dissemi-
nation

Institutional autonomy Campus integrity Freedom of academic
and cultural expression

Pooled Model

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Intercept 64.959∗ 43.421 39.501 45.952 40.809 32.141
[4.835; 125.082] [−17.751; 104.594] [−9.511; 88.513] [−18.356; 110.261] [−10.436; 92.055] [−7.846; 72.128]

Year −0.037∗ −0.024 −0.017 −0.022 −0.020 −0.015
[−0.070;−0.004] [−0.058; 0.009] [−0.045; 0.011] [−0.057; 0.013] [−0.049; 0.010] [−0.035; 0.006]

Freedom of Expression −3.555 −2.516 −9.763∗ −4.018 −3.524 −3.702
[−8.001; 0.891] [−8.373; 3.342] [−16.626;−2.901] [−8.660; 0.624] [−13.454; 6.406] [−7.889; 0.484]

Percentage of Extern Coders 8.496 5.056 2.519 10.905 0.231 6.572
[−3.072; 20.065] [−6.768; 16.880] [−9.817; 14.854] [−3.219; 25.029] [−10.720; 11.182] [−2.923; 16.068]

Rater’s Mean Confidence 8.331∗ 6.580 −1.542 0.139 2.429 2.541
[0.143; 16.520] [−1.330; 14.489] [−11.677; 8.593] [−9.789; 10.066] [−12.811; 17.668] [−3.272; 8.354]

Freedom to research and teach
0.472 −0.558
[−0.813; 1.756] [−1.625; 0.509]

Number of Coders Freedom to
research and teach

0.777∗

[0.095; 1.458]
Freedom of academic
exchange and dissemination

0.796
[−0.466; 2.059]

NoC Freedom of academic
exchange and dissemination

0.588∗

[0.012; 1.165]
Institutional autonomy 1.480∗ −0.662

[0.281; 2.679] [−1.805; 0.482]

NoC Institutional autonomy
0.401
[−0.079; 0.881]

Campus integrity 0.613 −0.072
[−0.773; 1.999] [−1.256; 1.112]

NoCs Campus integrity
0.566
[−0.039; 1.171]

Freedom of academic and
cultural expression

0.111 −0.303
[−1.924; 2.145] [−1.953; 1.348]

NoC Freedom of academic and
cultural expression

0.183
[−0.016; 0.382]

Academic Freedom Index 1.149
[−10.075; 12.373]

Academic Freedom Index sqr.
0.611
[−9.168; 10.390]

Number of Coders Academic
Freedom Index

−0.036
[−0.083; 0.012]

Latin America and the
Caribbean

2.472 1.964 2.686 −1.915 0.144 0.251

[−1.359; 6.304] [−1.798; 5.727] [−0.515; 5.886] [−6.660; 2.830] [−2.407; 2.696] [−1.931; 2.432]
MENA 4.808 7.049∗ 2.058 4.564 2.420 3.641

[−0.930; 10.546] [0.496; 13.602] [−2.456; 6.572] [−3.922; 13.049] [−1.258; 6.099] [−0.816; 8.098]
SSA 4.171 3.447 3.665∗ 0.143 7.852∗ 3.389∗

[−0.259; 8.601] [−0.241; 7.135] [0.465; 6.864] [−5.953; 6.239] [3.480; 12.225] [0.995; 5.783]
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Freedom to research
and teach

Freedom of academic
exchange and dissemi-
nation

Institutional autonomy Campus integrity Freedom of academic
and cultural expression

Pooled Model

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Western Europe and North
America

−0.555 −1.381 0.326 −2.239 −1.048 −1.223

[−3.395; 2.286] [−5.156; 2.393] [−1.859; 2.512] [−6.820; 2.341] [−3.509; 1.413] [−3.069; 0.623]
Asia and Pacific 0.589 1.164 0.729 −1.615 −0.531 −0.273

[−2.537; 3.716] [−2.092; 4.420] [−1.532; 2.990] [−7.235; 4.006] [−2.885; 1.822] [−2.267; 1.721]

R2 0.110 0.092 0.100 0.097 0.147 0.077
Adj. R2 0.110 0.092 0.099 0.096 0.146 0.077
Num. obs. 14682 14674 14663 14666 18095 73814
RMSE 9.155 9.060 8.554 10.166 10.144 9.428
N Clusters 180 180 180 180 183 180
∗ Null hypothesis value outside the confidence interval.

Table G1. Linear Models predicting respondents’ disagreement (coder perceptions)
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G.2 Respondent Biases -Perceptions

In addition, Table G2 and Figure G3 predict respondent ratings with respondent and country charac-
teristics using measurement model-adjusted ratings from country experts instead of raw ratings that
do not correct for DIF. Thus, when the results in Table G2 and G3 show few systematic correlates
as in the main paper, we can conclude that there is little evidence for systematic biases also when
accounting for DIF.

Figure G3. Predicting respondent perceptions with respondent and country characteristics
(Pooled Model)

GDP per capita

Time spent for coding

Respondent support free markets

Respondent supports electoral democracy

Respondent supports liberal component

Electoral Democracy

Liberal Component

Respondent supports electoral democracy * Electoral Democracy

Respondent supports liberal component * Liberal Component

Respondent's Age: Oldest Cohort

Respondent's Age: Middle Cohort

Respondent's Gender

Respondent's Education: PhD

Respondent: government employed

Respondent: Reside in country

−2 0 2 4
Estimate

OLS regression with standard errors, clustered on countries. Measure-fixed effects, year-fixed effects are
included in the model but omitted from the figure.
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Figure G4. Predicted respondent ratings by Democratic Quality and First and Third Quartile
of Respondent’s Individual Support for Liberal/Electoral Democracy.
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OLS regression with standard errors, clustered on countries. Measure- and year-fixed effects are included in
the model.
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Figure G5. Predicted respondent ratings by Respondent’s Gender and Respondent’s
Reside/Born in Country
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OLS regression with standard errors, clustered on countries. Measure- and year-fixed effects are included in
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Freedom to research
and teach

Freedom of academic
exchange and dissemi-
nation

Institutional autonomy Campus integrity Freedom of academic
and cultural expression

Pooled Model

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

Intercept −5.444∗ −3.325 −5.488∗ 0.475 −9.855∗ −4.526∗

[−9.234;−1.653] [−6.703; 0.053] [−10.274;−0.702] [−3.448; 4.399] [−16.912;−2.797] [−7.360;−1.692]

time spent for coding
0.021 0.030 0.019 0.027 0.016 0.022
[−0.008; 0.050] [−0.000; 0.059] [−0.011; 0.050] [−0.019; 0.072] [−0.013; 0.044] [−0.001; 0.045]

Respondent’s Gender −0.238 −0.221 0.168 0.009 −0.679 −0.190
[−1.428; 0.953] [−1.757; 1.316] [−1.539; 1.875] [−1.734; 1.753] [−1.592; 0.234] [−1.151; 0.771]

Respondent’s Age: Middle
Cohort

1.005 0.417 −0.051 0.223 1.405 0.531
[−0.182; 2.192] [−1.006; 1.840] [−0.971; 0.870] [−2.091; 2.537] [−0.349; 3.158] [−0.420; 1.481]

Respondent’s Age: Oldest
Cohort

1.187 0.629 0.992 0.444 0.407 0.718
[−0.033; 2.407] [−0.855; 2.112] [−0.261; 2.245] [−1.690; 2.578] [−1.109; 1.923] [−0.184; 1.620]

Respondent: PhD education
1.190 0.630 −0.325 0.522 −1.089 0.269
[−0.135; 2.515] [−0.942; 2.202] [−1.745; 1.096] [−1.057; 2.101] [−2.498; 0.320] [−0.705; 1.243]

Respondent: Government
employed

−0.870 −0.096 0.333 −1.301 −0.476 −0.420
[−2.254; 0.514] [−2.196; 2.004] [−2.491; 3.156] [−2.663; 0.061] [−2.096; 1.144] [−1.626; 0.786]

Respondent: Reside in
country

0.128 −1.308∗ −0.862 −1.004 0.055 −0.639
[−1.143; 1.399] [−2.566;−0.050] [−2.039; 0.314] [−2.454; 0.445] [−0.996; 1.106] [−1.556; 0.279]

Respondent supports free
markets

0.088 0.019 0.085 0.025 −0.051 0.052
[−0.258; 0.434] [−0.455; 0.493] [−0.284; 0.455] [−0.549; 0.598] [−0.634; 0.532] [−0.195; 0.298]

Respondent supports electoral
democracy

−0.911 −0.932 −0.931 −1.234 2.193∗ −0.319
[−2.478; 0.655] [−2.060; 0.196] [−2.455; 0.593] [−2.587; 0.120] [0.326; 4.059] [−1.229; 0.592]

Respondent supports liberal
democracy

1.006 0.728∗ 1.316 0.141 −0.215 0.596
[−0.642; 2.655] [0.030; 1.427] [−0.456; 3.089] [−0.897; 1.179] [−1.209; 0.779] [−0.139; 1.331]

Country liberal component
4.175 3.039 8.677 −0.694 1.065 3.207
[−0.703; 9.054] [−0.620; 6.698] [−0.763; 18.118] [−7.944; 6.555] [−5.670; 7.801] [−0.580; 6.994]

Respondent supports liberal
democracy * LibDem

1.088 1.047 −0.597 −0.156 −0.363 0.232
[−0.196; 2.371] [−0.179; 2.274] [−2.308; 1.114] [−1.900; 1.588] [−1.378; 0.653] [−0.803; 1.268]

Respondent supports electoral
democracy * EDI

−1.105 −0.479 −1.413 0.275 0.353 −0.479
[−2.979; 0.770] [−1.388; 0.431] [−3.737; 0.912] [−1.092; 1.641] [−0.926; 1.631] [−1.447; 0.489]

Country electoral democracy
level

−0.811 0.943 −0.538 −1.808 13.056∗ 2.807
[−7.442; 5.820] [−5.672; 7.557] [−8.036; 6.960] [−10.891; 7.276] [0.392; 25.721] [−2.112; 7.726]

Latin America and the
Caribbean

0.091 0.749 −0.958 −1.018 −0.167 −0.277
[−0.902; 1.085] [−0.875; 2.373] [−3.258; 1.342] [−3.246; 1.210] [−0.948; 0.614] [−1.052; 0.499]

MENA 3.110 3.898∗ 1.465 2.389 −0.691 2.173
[−0.291; 6.510] [0.476; 7.321] [−1.026; 3.957] [−1.591; 6.369] [−2.257; 0.875] [−0.270; 4.616]

SSA 1.603 1.448 0.330 0.224 0.108 0.818
[−0.819; 4.025] [−0.218; 3.114] [−1.052; 1.713] [−2.511; 2.959] [−1.851; 2.067] [−0.256; 1.892]

Western Europe and North
America0.542

−0.361 −0.020 −1.067 −0.138 −0.251

[−0.496; 1.581] [−2.490; 1.768] [−1.238; 1.198] [−3.592; 1.458] [−1.027; 0.751] [−1.169; 0.666]
Asia and Pacific 0.171 0.675 −0.712 −0.312 −0.516 −0.043

[−1.323; 1.664] [−0.948; 2.299] [−1.772; 0.348] [−2.669; 2.045] [−1.450; 0.419] [−0.853; 0.766]
GDP pc −0.018 0.007 −0.022 0.014 0.020 −0.001

[−0.054; 0.018] [−0.041; 0.055] [−0.055; 0.011] [−0.028; 0.057] [−0.010; 0.050] [−0.029; 0.027]
Dummy Freedom to research
and teach

−0.220
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Freedom to research
and teach

Freedom of academic
exchange and dissemi-
nation

Institutional autonomy Campus integrity Freedom of academic
and cultural expression

Pooled Model

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

[−0.805; 0.365]
Dummy Institutional
Autonomy

−1.201∗

[−1.804;−0.598]

Dummy Campus Integrity
−0.145
[−0.769; 0.479]

Freedom of academic and
cultural expression

−1.263∗

[−2.025;−0.500]

R2 0.027 0.039 0.046 0.025 0.059 0.030
Adj. R2 0.025 0.038 0.044 0.023 0.057 0.030
Num. obs. 80668 80162 80049 79457 56956 377292
RMSE 11.986 11.629 10.680 12.979 10.643 11.712
N Clusters 175 175 175 175 177 178
∗ Null hypothesis value outside the confidence interval.

Table G2. Linear Models predicting respondents rating with country characteristics - Perceptions
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H Analyzing Anchor Vignettes

In this section, we analyze the deviations of respondents’ measurement model-adjusted ratings from
the mean rating among anchor vignettes that are description of hypothetical cases that were rated
by experts. By analyzing these deviations in a pooled models, we are able to identify systematic
predictors of respondent’s coding behavior independently from errors that come from different country
background characteristics.

Model 1 Model 2

Intercept 0.136 0.895
[−0.237; 0.509] [−0.440; 2.231]

Women 0.158 0.090
[−0.413; 0.730] [−0.509; 0.689]

Age Block 2 −0.044 −0.045
[−0.581; 0.493] [−0.613; 0.523]

Age Block 3 0.111 0.166
[−0.486; 0.707] [−0.447; 0.778]

PhD degree −0.230 −0.395
[−0.671; 0.212] [−0.831; 0.041]

Goverment employee 0.313 0.345
[−0.913; 1.540] [−0.967; 1.657]

v2cafres −0.007 −0.011
[−0.055; 0.040] [−0.059; 0.036]

v2cainsaut −0.032∗ −0.033∗

[−0.056;−0.008] [−0.063;−0.002]
v2casurv −0.002 −0.008

[−0.066; 0.063] [−0.076; 0.059]
v2clacfree −0.115∗ 0.029

[−0.183;−0.046] [−0.030; 0.087]
Time spent for coding −0.003

[−0.015; 0.008]
Satisfaction with coding experience −0.156

[−0.457; 0.145]

R2 0.000 0.001
Adj. R2 −0.001 −0.001
Num. obs. 5711 5691
RMSE 8.964 8.910
N Clusters 25 25
∗ Null hypothesis value outside the confidence interval.

Table H1. Linear Models predicting respondents deviations from mean
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Figure H1. Predicting respondent deviations with respondent characteristics (Pooled Model)
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OLS regression with standard errors, clustered on hypothetical cases. Measure-fixed effects are included in the
model but omitted from the figure.
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I Distribution of Coder Confidence

Figure I1. Confidence of Coders across AFI indicators
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Confidence of coders and respective indicators

For each indicator and its respective ordinal categories, there is a density plot and a boxplot to show the
distribution.
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